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ABSTRACT

Three-quarters of the planet's land surface has been altered by humans, with consequences for animal ecology, movements and
related ecosystem functioning. Species often occupy wide geographical ranges with contrasting human disturbance and environ-
mental conditions, yet, limited data availability across species’ ranges has constrained our understanding of how human pressure
and resource availability jointly shape intraspecific variation of animal space use. Leveraging a unique dataset of 758 annual
GPS movement trajectories from 375 brown bears (Ursus arctos) across the species’ range in Europe, we investigated the effects
of human pressure (i.e., human footprint index), resource availability and predictability, forest cover and disturbance, and area-
based conservation measures on brown bear space use. We quantified space use at different spatiotemporal scales during the
growing season (May-September): home range size; representing general space requirements, 10-day long-distance displacement
distances, and routine 1-day displacement distances. We found large intraspecific variation in brown bear space use across all
scales, which was profoundly affected by human footprint index, vegetation productivity, and recent forest disturbances creating
opportunity for resource pulses. Bears occupied smaller home ranges and moved less in more anthropized landscapes and in
areas with higher resource availability and predictability. Forest disturbances reduced space use while contiguous forest cover
promoted longer daily movements. The amount of strictly protected and roadless areas within bear home ranges was too small
to affect space use. Anthropized landscapes may hinder the expansion of small and isolated populations, such as the Apennine
and Pyrenean, and obstruct population connectivity, for example between the Dinaric Pindos population and the Alpine or
Carpathian population. Our findings call for actions to maintain bear movements across landscapes with high human footprint,
for example by maintaining forest integrity, to support viable bear populations and their ecosystem functions.
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1 | Introduction

Anthropogenic effects, including climate change, land conver-
sion, fragmentation, and human disturbance affect all aspects
of animal ecology (Abrahms et al. 2023; Gaynor et al. 2018;
Humphries, Thomas, and Speakman 2002; Prugh et al. 2008).
Movement is an integral part of animal ecology and evolu-
tion, facilitating ecosystem interactions, population connec-
tivity, and species' geographic distribution (Nathan et al. 2008;
Nathan et al. 2022). Movement facilitates range shifts and al-
lows animals to adapt to climate and global changes (Ellis-Soto,
Wikelski, and Jetz 2023; Kauffman et al. 2021). Understanding
why space use varies within species has received considerable
attention (Shaw 2020), however, due to the lack of movement
data availability across species’ ranges, the majority of studies
have focused on single populations or limited geographic ex-
tents (Said and Servanty 2005). This has restricted our under-
standing of intraspecific variation in animal movement (Kays
et al. 2015). To address this issue, comparative studies integrat-
ing large-scale spatial data have contributed toward gaining an
understanding of the ecological drivers of animal movements
at continental and global scales (Morellet et al. 2013; Mumme
et al. 2023; Tucker et al. 2018; Tucker et al. 2023).

How animals use space is largely determined by their motiva-
tion and capabilities to move, paired with the prevailing envi-
ronmental conditions they are exposed to (Morellet et al. 2013;
van Beest et al. 2011). Within a species, state-dependent vari-
ables, such as body size, sex, age, or reproductive status, affect
energetic needs and the motivation to move (Nilsen, Herfindal,
and Linnell 2005; Tucker, Ord, and Rogers 2014). However,
because many species have wide geographic distributions that
span over contrasting environmental conditions, populations of
a given species may exhibit different patterns of space use, with
resource availability and seasonality being the most commonly
reported factors underlying intraspecific space use variation
(Mcloughlin, Ferguson, and Messier 2000; Olsson et al. 2006;
Teitelbaum et al. 2015). In general, where resources are more
predictable and abundant, animals tend to occupy smaller
ranges, because they can satisfy their energetic requirements
within a smaller area (Morellet et al. 2013). Additionally, cli-
matic variables, such as temperature, snow cover, and terrain
topography, can also influence animal space use (Morellet
et al. 2013; Rivrud, Loe, and Mysterud 2010; Valderrama-Zafra
et al. 2024; van Beest et al. 2011).

The increasing pressure of human activities on natural habitats
alters resource availability, causes habitat loss, and disrupts con-
nectivity, with profound impacts on animal movements. Linear
infrastructure (e.g., roads and fences), forestry, agriculture,
hunting, recreation, and other human pressures have permeated
intonatural areas to such an extent that approximately 75% of the
Earth's land surface shows measurable anthropogenic effects
(Oscar Venter et al. 2016). Human pressures have been summa-
rized into an overall index of human footprint (HFI), including
infrastructure, human density, land use change, urbanization,
and light pollution (Barnosky et al. 2012; Newbold et al. 2015;
Venter et al. 2016). Linear infrastructure can act as barriers, dis-
rupt the connectivity of habitats, and, together with changes in
resource availability through forestry, agriculture, or artificial
feeding, alter animal movements and home range sizes (Bischof,

Steyaert, and Kindberg 2017; Fahrig 2007; Jerina 2012; Main
et al. 2020; Passoni et al. 2021; Selva et al. 2017). While there
is a global trend of animal movements being reduced with in-
creasing human footprint (Main et al. 2020; Tucker et al. 2018),
how animals respond to human pressure depends largely on the
nature of the disturbance, the species' life history, and individ-
ual personality (Dammhahn, Lange, and Eccard 2022; Doherty,
Hays, and Driscoll 2021). For example, animals may move fur-
ther distances in response to direct human disturbances, such as
hunting or recreation due to “fear effects” (Doherty, Hays, and
Driscoll 2021).

The scale and ubiquity of disrupted animal movements, in
combination with habitat fragmentation, is a major conser-
vation issue worldwide. In some areas of the world, such as in
the contiguous United States, parts of Asia and Africa, wildlife
mainly persists in protected wilderness away from human habi-
tation and large enough to accommodate animals' spatial needs
(Chapron et al. 2014; Packer et al. 2013; Veldhuis et al. 2019).
This is especially true for species that have traditionally been
the subject of socio-political conflicts when sharing space with
humans, like large carnivores, which generally occur at low den-
sities and have large spatial requirements (Bautista et al. 2017).
Yet, in the highly fragmented and human-dominated landscape
of Europe, large carnivores are currently increasing in numbers
and recolonizing former ranges due to favorable conservation
policies, the depopulation of rural areas, and increases in forest
cover (Chapron et al. 2014; Cimatti et al. 2021; Passoni, Coulson,
and Cagnacci 2024; Reinhardt et al. 2019). This remarkable
comeback is only possible due to several behavioral adaptations
of large carnivores living in human-dominated landscapes, for
example, to avoid humans spatially and temporally (de Gabriel
Hernando et al. 2020; Lamb et al. 2020; Ordiz et al. 2011).
However, comparative studies evaluating large carnivore behav-
ior along gradients of human disturbance are still lacking.

In this study, we aim to evaluate intraspecific variation in space
use patterns of one of the most abundant large carnivores in
Europe, the brown bear (Ursus arctos), across contrasting en-
vironmental and anthropogenic conditions (Figure 1). An ear-
lier multi-population study of brown bear space use from North
America has demonstrated substantial intraspecific variation in
home range size and overlap, primarily linked to natural food
availability (Mcloughlin, Ferguson, and Messier 2000), but no
comparative study has determined the drivers of variation in
space use patterns across the highly anthropogenic landscape
in Europe. With approximately 18,000 individuals, European
brown bears are distributed across ten populations with gener-
ally increasing or stable trends during recent years (Kaczensky
et al. 2021). Their range spans from the highly anthropized land-
scapes in southern and central Europe to the comparatively re-
mote boreal forests in northern Europe. Similar to other large
carnivores, brown bears act as mobile links in natural ecosystems
and can play a significant role in ecosystem dynamics by facili-
tating seed dispersal and plant regeneration (Garcia-Rodriguez,
Albrecht, Szczutkowska, et al. 2021; Garcia-Rodriguez, Selva,
Zwijacz-Kozica, et al. 2021; Himildinen et al. 2017; Steyaert,
Hertel, and Swenson 2019), protecting plants from herbivorous
insects (Grinath, Inouye, and Underwood 2015), shaping ungu-
late prey densities (Swenson et al. 2007; Tallian et al. 2021), pro-
viding a nitrogen influx into riparian forests (Deacy et al. 2017;
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FIGURE 1
Using data from the summer growing season (May-September) we estimated individual home ranges (main panel, colored by population) which
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| Within the BearConnect initiative, we compiled GPS movement data from eight of the ten extant brown bear populations in Europe.

covered a substantial amount of the current permanent occurrence range of the brown bear in Europe (main panel dark gray, Kaczensky et al. 2021).
For each home range we extracted the median temperature seasonality (Bio4 in WorldClim, Fick and Hijmans 2017), median annual vegetation pro-
ductivity (Copernicus 2020), median vegetation predictability (estimated from MODIS NDVI with equations by Colwell (1974)), median human foot-

print index (Venter et al. 2016), proportion of roadless (Ibisch et al. 2016) and strictly protected areas (World Database on Protected Areas), median

terrain ruggedness index (calculated from a European digital elevation model), and proportion of forest cover and disturbance (Senf and Seidl 2021).

Density plots show the distribution of covariates for each population.

Helfield and Naiman 2006), or by removing carrion (Krofel, Kos,
and Jerina 2012). However, some studies suggest that low carni-
vore population densities and human-induced altered space use
patterns disrupt the role brown bears play in European ecosys-
tems (Diserens et al. 2020; Kuijper et al. 2016).

We used 752 annual brown bear movement trajectories from
the BearConnect movement database (bearconnect.org) to
analyze the space use of brown bears across the species’ geo-
graphical range in Europe. We summarized annual space use at
three distinct spatiotemporal scales during the growing season
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(May-September), when bears are active and not hibernating:
home range size during the growing season, which represents
the total area a bear traverses for foraging, resting, and mating
and indicates the total space requirements of a bear in a given
landscape. The 90th percentile of an individuals' 10-day dis-
placement distances, which is indicative of its long-distance
movement potential over longer time scales, and finally, the
median (50th percentile) of an individuals' 1-day displacement
distances, which is indicative of the routine distance it needs to
travel to satisfy daily needs. We summarized a suite of spatially
explicit covariates at the home range scale (Figure 1) to eval-
uate hypotheses about the drivers of intraspecific variation in
space use.

First, we expected that bears can satisfy their energetic require-
ments across less space in resource-rich and stable, that is, pre-
dictable environments (Mcloughlin, Ferguson, and Messier 2000;
Morellet et al. 2013). We therefore predicted smaller home range
sizes and shorter movement distances in areas with higher an-
nual vegetation productivity, higher vegetation predictability, and
lower temperature seasonality. In addition, early successional or
seral forests after an anthropogenic or natural forest disturbance
may provide high quantity and pulsed food resources, such as
berries, due to their open canopy and increased light availability
at the ground level (Larsen et al. 2019; Lodberg-Holm et al. 2019;
Nielsen et al. 2004). We therefore predicted that bears would oc-
cupy smaller home ranges when they encompass a higher pro-
portion of recently disturbed forests in early successional stages
(until 9years after disturbance, Larsen et al. 2019).

Second, we expected that human pressures, as summarized by
the human footprint index, significantly affect bear space use
through barrier effects of human infrastructure but also through
altered food availability close to human settlements (i.e., in-
crease in food availability and predictability through agricul-
ture or garbage) (Main et al. 2020; Mumme et al. 2023; Tucker
et al. 2018). We predicted that bears would occupy smaller home
ranges and move less in areas with a higher human footprint
index. Conversely, we expected bears to move more in areas
with higher forest cover, indicating contiguous, habitats with
fewer barriers (Cimatti et al. 2021).

Third, we expected that area-based conservation measures, that
is, protected areas or areas with restricted traffic access, have
the potential to maintain the ecological integrity of habitats, es-
pecially in anthropized landscapes and, thus, may help sustain
animal movements (Brennan et al. 2022; Hofmann et al. 2021;
Jones et al. 2018). We tested the effect of two area-based con-
servation measures, the proportion of protected areas (WDPA
Consortium 2004) as well as the proportion of roadless areas
(Ibisch et al. 2016), within a bear's home range on its space
use. Roadless areas are generally relatively undisturbed by
humans and associated with fewer barriers, lower fragmenta-
tion, and increased landscape permeability (Bischof, Steyaert,
and Kindberg 2017; Lamb et al. 2018). In comparison, the ef-
fects of protected areas are less clear (Geldmann et al. 2013),
especially in Europe where the size of protected areas is com-
monly too small to contain brown bear home ranges (Woodroffe
and Ginsberg 1998), where protected areas may be situated in
resource poor habitats (Joppa and Pfaff 2009), or where pro-
tected areas are hotspots for recreational activities (Schégner

et al. 2016), which could ultimately promote or hinder animal
movements. We predicted that bears move more when their
home ranges encompass larger proportions of roadless areas,
while the proportion of protected areas could either promote or
restrict movements.

Last, we accounted for topography and for the sex of the indi-
vidual. We expected that bears inhabiting home ranges with on
average more undulated and rugged terrain would move slower
and occupy smaller ranges as compared to bears inhabiting flatter
terrain. Given the mating system and social organization of brown
bears, we expected males to use larger areas than females (Nilsen,
Herfindal, and Linnell 2005; Steyaert et al. 2012). Finally, after ac-
counting for the main covariates, we quantified remaining space
use differences between populations. In addition to these main
covariates, we also explored the effect of age, reproductive class,
and artificial feeding on space use, using subsets of our data for
which such metadata were available, and we tested for sex-specific
responses to our most influential environmental covariates.

2 | Methods
2.1 | Compilation and Filtering of Movement Data

As part of a large collaborative Biodiversa project (BearConnect),
we compiled a database of all available GPS relocation data sets
from brown bears across Europe. In total, movement data was
compiled from eight of the 10 extant European brown bear pop-
ulations (Kaczensky et al. 2021), spanning 13 countries between
2002 and 2018 representing 615 unique individuals monitored
over 1411 tracking years. First, we split our data per individual and
year (hereafter referred to as annual bear track). Because brown
bears cease movement during winter hibernation, our analysis
focused on the growing season (i.e., from May to September), as-
suming that all individuals were fully active during these months.
The duration of GPS tracking, the GPS sampling intervals, and
the success rate of GPS relocations varied greatly. We therefore
only included annual bear tracks that covered at least 100 out of
153days of the growing season (i.e., 3.5months out of 5months)
and we resampled trajectories to a 1-day resolution, that is, re-
tained 1 location per 24 hrs in an attempt to obtain unbiased and
comparable data using the R package amt (Signer, Fieberg, and
Avgar 2018). Our final dataset included space use information
from 758 annual bear tracks of 375 individuals (211 females and
164 males) monitored for 1-13years, though sample sizes varied
substantially among populations (Figure 2a).

2.2 | Space Use Metrics

We calculated and summarized bear space use at three distinc-
tive spatiotemporal scales during the growing season, leading
to one value for each metric per annual bear track: home range
size (representing overall space requirements), long-distance 10-
day displacement (representing long-distance movements), and
average 1-day displacement distance (representing routine daily
movements). In Appendix S1, we explore the effects of environ-
mental covariates on space use in continuous time, from 1-day
to 10-day displacements for both, routine (50th percentile) and
long-distance (90th percentile) movements.
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facilitate interpretation.

2.2.1 | Home Range Size

We estimated year-specific home range size for each annual
bear track (i.e., the spatially constrained area used by an in-
dividual during the summer growing season period between
May and September). We used the time-local convex hull esti-
mator at the 95% isopleth (T-LoCoH, R library “tlocoh”) (Lyons,
Turner, and Getz 2013), which progressively aggregates local
convex hulls to build the home range polygon. We incorporated
time and used the adaptive LoCoH method in our home range
estimates. Due to the variability of movement patterns among
the monitored animals, we selected the time parameter “s” and
the parameter for defining neighboring points “a” using the
graphical tools available in the T-LoCoH software (see the user
guidelines by Lyons, Turner, and Getz (2013) for more details
on the parameters' selection). Because topography can affect
home range estimates (Monterroso et al. 2013), we calculated
home range sizes taking into account the three-dimensionality
of land topography. For this, we used the European Digital
Elevation Model (EU-DEM) at a 25 m resolution, from the
Copernicus Land Monitoring Service (originally downloaded
from https://www.gpxz.io/blog/eudem), and the “surfaceArea”
function from the R package “sp” to calculate home range size
(Appendix S2). To avoid including annual bear tracks with
non-sedentary spatial behavior (i.e., bears that did not occupy
a home range during the growing season) in our analyses, we
removed from our dataset 12 annual bear tracks that showed
directed long-distance dispersal or atypical ranging behavior
(Appendix S3).

2.2.2 | 10-Day and 1-Day Displacement Distances

We calculated displacement distances at 10- and 1-day temporal
scales, as Euclidean distances between consecutive GPS loca-
tions of each annual bear track using the R package adehabitatLT
(Calenge 2006). Missing GPS locations (i.e., data gaps) were ac-
counted for by omitting erroneous distance calculations. At the
10-day scale, we summarized the 90th percentile of displacement
distances for each annual bear track, representing a bears' capac-
ity for long-distance movements over longer temporal scales (fol-
lowing referred to as 10-day long distance displacements). During
binning the data, we allowed 1day tolerance and obtained 11-17
successful 10-day displacements per annual bear track from which
90th percentiles were drawn. At the 1-day scale, we obtained 82—
152 successful daily displacements per annual bear track from
which we summarized the 50th percentile, that is, median dis-
placement distance for each annual bear track, representing rou-
tine daily movements (Tucker et al. 2018). Given that bears are no
central place foragers, that is, they do not return to a central point
for resting, but instead move incrementally through their home
range in search of food and pick resting places on the go, 1-day
displacement distances are representative of daily space use.

2.3 | Environmental Covariates
We obtained spatial layers of eight environmental covariates

related to food availability, human pressure, forest cover, area-
based conservation measures, and topography (Figure 1). We
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extracted and summarized the values of all pixels falling within
each bear home range. Thus, every annual bear track was char-
acterized by a single value for each of the tested covariates.

2.3.1 | Vegetation Productivity and Predictability

To capture differences in food resource availability, we ex-
tracted the total vegetation productivity from the European
Environmental Agency's Vegetation Phenology and Productivity
(HR-VPP) product suite (Copernicus 2020; Tian et al. 2021),
which represents the growing season integral as the sum of all
daily Plant Phenology Index values (PPI, range 0-3) between the
dates of the season start and end in a given year. Higher values
indicate higher annual productivity and/or longer growing sea-
sons. These maps have a spatial resolution of 100m and were
compiled from finer resolution Sentinel-2A and Sentinel-2B sat-
ellite products (10m resolution and 5-day revisit time). Annual
raster maps were available for 2017-2023 and we summarized
annual maps into a mean vegetation productivity layer, indi-
cating long-term average vegetation productivity. We extracted
the vegetation productivity of all cells falling into a home range
and calculated the median with higher values indicating home
ranges with overall higher vegetation productivity.

We also calculated the overall spatiotemporal vegetation pre-
dictability, using the Normalized Difference Vegetation Index
(NDVI) derived from monthly MODIS imagery from 2007 to
2018 at a spatial resolution of 1km. We applied the equations
from Colwell (1974) to the NDVTI time-series data using the hy-
drostats R package (Bond 2022). We obtained a unique grid of
values that summarize the variability of NDVI values within a
year through space and the inter-annual variability of NDVI val-
ues which allowed us to summarize the overall spatiotemporal
heterogeneity of vegetation dynamics at the home range scale.
We extracted vegetation predictability values at the home range
scale, and calculated the median predictability for each annual
bear track, with higher values indicating greater intra- and in-
terannual variation in vegetation productivity.

2.3.2 | Temperature Seasonality

To account for latitudinal and altitudinal differences in seasonal-
ity, we extracted the median temperature seasonality within each
bear’s home range from the WorldClim version 2.1 climate data
(Fick and Hijmans 2017). Temperature seasonality (BIO4 layer)
is a measure of temperature change over the course of the year
and is calculated as the standard deviation of the annual range in
temperature, where larger values represent more seasonal envi-
ronments and lower values more stable environments with more
continuous food availability. The BIO4 layer represents the aver-
age temperature seasonality for the years 1970-2000. We used the
BIO4 layer at a spatial resolution of 2.5min (~21km) as we wanted
to capture large-scale latitudinal and altitudinal differences.

2.3.3 | Human Footprint Index

The human footprint index (HFI) map for 2009 was downloaded
from the global map of anthropogenic impact at a 1 km resolution

that combines multiple sources of anthropogenic disturbance,
including human population density, built-up areas, nighttime
lights, crop- and pasture land use, roads, railroads, and water-
ways (Venter et al. 2018; Venter et al. 2016). HFI ranges from 0 to
50, with increasing values indicating increasing levels of human
pressure. We extracted HFI values and calculated the median
HFI within each home range.

2.3.4 | Total Forest Cover and Forest Disturbances

Senf and Seidl (2021) published a map of Europe's forests and
identified forest disturbances from USGS Landsat satellite data
across Europe between 1986 and 2016 at a spatial resolution of
30m. The spatial product identifies forest cover (binary variable)
and if and when a forest was disturbed between 1986 and 2016.
Forest disturbances were defined as cleared forest patches due
to either anthropogenic (e.g., forest management and logging)
or natural causes (e.g., windfall, fire, and bark beetle outbreak
(Senf and Seidl 2021)). Within a bear's annual home range, we
calculated the proportion of forest cover and the proportion of
forests in early successional stages after a disturbance, that is,
disturbances occurring within 9years before the year a bear
track was recorded (Larsen et al. 2019). We excluded the year of
disturbance for two reasons: (1) structural disturbance of the site
likely does not lead to increased food availability in the first year
and (2) we wanted to mitigate any effects of forestry activity on
animal movement.

2.3.5 | Roadless and Protected Areas

We downloaded the protected areas with the highest degree of
IUCN protection (i.e., Strict Nature Reserve—Ia, Wilderness
Area—Ib, and National Park—II) as shape files from the World
Database on Protected Areas (WDPA) and World Database
on Other Effective Area-based Conservation Measures (WD-
OECM, https://www.protectedplanet.net). These IUCN catego-
ries represent areas of high ecological integrity but potentially
with high human disturbance through recreation (Jones
et al. 2018). We calculated the proportion of the home range that
was covered by protected areas. We further used the global map
of roadless areas (shape file), which represents areas relatively
free of barriers (Ibisch et al. 2016, downloaded from http://www.
roadless.online/). Roadless areas were defined as land units that
were at least 1km away from any kind of mapped roads (Ibisch
et al. 2016). We calculated the proportion of the home range that
was covered by roadless areas.

2.3.6 | Terrain Ruggedness

We calculated the terrain ruggedness index (TRI, Riley,
DeGloria, and Elliot 1999), a measure of topographic hetero-
geneity, using the Elevation map of Europe from the European
Environmental Agency (https://www.eea.europa.eu/) at a 1km
resolution. TRI ranges from level terrain (values of 0-80), nearly
level (81-116), slightly rugged (117-161), intermediately rugged
(162-239), moderately rugged (240-497), and to highly rugged
terrain (>498). TRI values derived from the 25m DEM were too
fine to capture differences in large-scale terrain undulations
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among populations. Additionally, interpretation of TRI values is
based on maps calculated from digital elevation models at 1km
resolution (Riley, DeGloria, and Elliot 1999). We calculated the
median TRI of all values falling within a home range.

2.3.7 | Additional Covariates Explored in the Appendix

2.3.7.1 | Artificial Feeding. Foreachcountry, we extracted
information about the use of artificial feeding (binary: yes/no)
as a management tool from Bautista et al. (2017). Artificial feed-
ing can constrain animal movement (Selva et al. 2017), however,
no comprehensive data are available for Europe on when, where,
and how much food is supplied to wildlife. Therefore, we con-
trasted bear space use in countries where artificial feeding is
or is not allowed (Table S1, Appendix S4).

2.3.7.2 | Age Class. Age class is known to affect bear
space use as young dispersing bears, in particular males, often
roam over larger areas (Dahle and Swenson 2003). While we
excluded bear tracks showing directed dispersal, young bears
can also show home range shifts over time. Bear age was
not recorded for all bears in a standardized way. Therefore, we
categorized a subset of bears for which we had some age infor-
mation (Table S6) as either subadult (1-4years of age) or adult
(>4years of age), and tested whether subadult males or females
would occupy larger home ranges or move over longer distances
(Appendix S5).

2.4 | Statistical Analyses

We fitted full Bayesian linear mixed effects models for each of
the log-transformed space use metrics (Table S4): home range
size, the 90th percentile of 10-day displacement distances, and
median 1-day displacement distances. We accounted for the
main effects of vegetation productivity, vegetation predictability,
temperature seasonality, the proportion of forest cover, the pro-
portion of early successional forest after a disturbance, HFI, the
proportion of protected and roadless areas, terrain ruggedness,
and sex. We further incorporated random intercepts for popula-
tion and individual identity. We tested whether a non-linear term
(second-order polynomial or threshold model) would represent
the relationship between space use and HF]I, vegetation produc-
tivity, vegetation predictability, and forest disturbance better
(Table S4). Non-linear terms did not explain more variance than
linear terms, except for forest disturbance. We therefore retained
a non-linear relationship (second-order polynomial) in the main
model. We also tested for sex-specific responses to the most rel-
evant environmental gradients (see Appendix S6). Our models
did not suffer from multicollinearity, as indicated by a variance
inflation factor <3 for all comparisons (see also Figure S1). All
models were fitted with a Gaussian family with the R package
brms (Biirkner 2017), running four chains over 4000 iterations
with a warmup of 2000 and a thinning interval of 2. The model
inference was based on 4000 posterior samples and had satisfac-
tory convergence diagnostics with R <1.01 and effective sample
sizes >1000. Posterior predictive checks recreated the underly-
ing Gaussian distribution well and did not show signs of het-
eroscedasticity. We report the median as a measure of centrality
and 89% credible intervals, calculated as equal tail intervals, asa

measure of uncertainty (Kruschke 2014; McElreath 2020). Data
and code to reproduce the analysis are available via the Open
Science Framework (Hertel 2024).

3 | Results

Intraspecific variation of brown bear space use in Europe was
evident on all spatiotemporal scales. Home range sizes varied
from 74 to 269km? (first and third quartile, median=131km?;
Figure 2b), 10-day long-distance displacements from 11 to 26 km
(median =15.5km; Figure 2c), and daily displacements from 2.5
to 5.4km (median =3.8km; Figure 2d). The smallest estimates
were recorded in the Carpathian and Dinaric Pindos popula-
tions, and the largest in the Karelian population (Figure 2). Males
occupied larger home ranges and moved more in all populations,
except for the Eastern Balkan (Figure 2; Table S2). The three
space use metrics were positively correlated (Figure S2). Across
populations, European brown bears occupied a wide range of
environments (Figure 1). For example, bears in the Karelian and
Scandinavian populations experienced the lowest vegetation
productivity, highest temperature seasonality, occupied home
ranges with the highest proportions of early successional forest
cover, and experienced the lowest HFI (Figure 1; Table S3).

3.1 | Drivers of Space Use Patterns

Intraspecific variation in brown bear space use patterns was ex-
plained by sex, proxies of resource availability, and human pres-
sure. Vegetation productivity, the proportion of disturbed forest
in early successional stages, HFI, and sex had a consistent and
strong effect on brown bear space use across all three spatio-
temporal scales. All models explained a good amount of vari-
ance in the data but generally fixed covariates performed best
at explaining intraspecific variation in movement over longer
time scales, that is, on the home range (marginal R>=0.52) and
10-day scale (marginal R?>=0.49), compared to the daily scale
(marginal R?=0.36).

In line with our first prediction, three proxies of resource avail-
ability—vegetation productivity, vegetation predictability, and
the proportion of disturbed forest in early successional stages—
were negatively correlated with bear space use, while tempera-
ture seasonality had a positive effect (Figure 3a-d). Bear home
ranges were four times larger in areas with low vegetation pro-
ductivity (Figure 4a), low vegetation predictability (Figure S3a),
and high seasonality (Figure S3b). Predicted 10-day displace-
ments were twice as far in less productive (21km vs. 10km,
Figure 4d), less predictable (23km vs. 12km, Figure S3c), and
more seasonal environments (12km vs. 25km, Figure S3d).
Likewise, routine daily movements were also longer (4.2km
vs. 1.5km, Figure 4g) in areas with low vegetation productiv-
ity; however, effects of vegetation predictability and seasonality
were not supported at the 1-day scale. Across continuous time
scales (1- to 10-day displacement distances), vegetation produc-
tivity was an influential predictor of bear movements, while
vegetation predictability only affected bear movements at long
temporal scales (Appendix S1). Temperature seasonality af-
fected long distance displacements at all time scales (1-10days)
but not routine median displacements (Appendix S1).
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FIGURE 3 |

Posterior distributions of covariate coefficients on home range size (a), 10-day long distance displacements (b), and 1-day routine

displacements (c) of brown bears across Europe. Black dots and credible intervals indicate the mean and 89% equal tail intervals of the posterior

distribution. Significance was inferred based on 89% equal tail intervals not overlapping 0. Across spatiotemporal scales, we found consistent effects

of sex, vegetation productivity, human footprint index, and the proportion of forest disturbances on bear space use. See also Table S5 for all model

coefficients.

Disturbed forest in early successional stages covered between
0% and 21% of bear home ranges [median=5%, SD=4%,
Table S3]. When home ranges encompassed > 5% of proportion
of forests in early successional stages, bears occupied smaller
home ranges (Figure 4b, predicted size at 5%=140km? vs. at
15%=79km?) and moved over shorter 10-day and daily dis-
tances (Figure 4e & 4h, predicted distance at 5% =17km/3.3km
vs. at 15%=15km/2.2km, respectively). A high proportion of
disturbed forest was influential and led to reduced movements
across continuous temporal scales (Appendix S1). General forest
cover only affected 1-day displacements (Figure 3, Appendix S1),
with bears moving longer distances in areas with more forest
cover (predicted distance at 13% forest cover=2.6km vs. 100%
forest cover =3.5km).

The Human Footprint Index strongly shaped intraspecific vari-
ation in brown bear space use (Figure 3a—c), supporting our sec-
ond hypothesis. Bears occupied home ranges with a median HFI
between 0 and 32 (median=2.5, Table S3), that is, from natural
to highly modified environments, wherein human footprint con-
sistently shaped bear space use across all scales. In general, with
increasing HFI, bears formed smaller home ranges and moved
less (Figure 3a—c). This reduction was most apparent at larger
spatiotemporal scales. For example, bears in areas with high
HFI occupied home ranges a fifth the size of those in low HFI
areas (predicted home range size at HFI 32=37km? vs. at HFI
0=170km?, Figure 4c). Similarly, 10-day long-displacements in
areas with low HFI were three times as long compared to highly

disturbed areas (predicted distance at HFI 32=8km vs. at HFI
0=20km, Figure 4f). At shorter time scales the effect was less
strong but still apparent—predicted daily displacements in nat-
ural landscapes (HFI 0) were 3.5km, while in highly modified
landscapes (HFI 32) daily movements were reduced to 2.3km
(Figure 4i; Appendix S1).

We found weak and mixed support that area-based conserva-
tion measures affect brown bear space use in Europe (Figure 3).
Most home ranges overlapped marginally with protected areas
(median=2.2% [range =0%-100%], Table S3) and we found no
effect of the proportion of protected areas on brown bear space
use at the home range, 1-day and 10-day scale, though routine
displacements over longer time scales (5-20days) were longer
in more protected areas (Appendix S1). Although, bear home
ranges readily overlapped with roadless areas (median=37%
[range =0%-100%]), we found that the proportion of roadless
areas only affected 10-day displacement distances, with bears
traveling longer distances in more roadless areas (predicted dis-
tance at 0% and 100% roadless areas: 16.5km vs. 19km, respec-
tively). On a continuous timescale from 1 to 10 days, support was
mixed and weak (Appendix S1).

Finally, terrain ruggedness affected bear space use at short
temporal scales only, with shorter daily displacements in more
rugged terrain. Sex-specific differences in bear space use were
strong and evident across spatiotemporal scales (Figure 3).
Across populations, males formed home ranges that were three
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FIGURE 4 | Conditional effects (mean and 95% uncertainty interval) of vegetation productivity, the proportion of early successional forest, and
human footprint index on home range size, long-distance displacements, and routine displacements of brown bears across Europe. Conditional
effects were estimated by setting all other model covariates to their mean value and using females as reference category. These three covariates sig-
nificantly affected space use across spatiotemporal scales. Space use decreased with increasing vegetation productivity (a, d, g), with an increasing

proportion of recent forest disturbances (i.e., early successional forest) in a bear's home range (b, e, h), and with increasing median human footprint

index in the home range (c, f, i). See also Figure S3 for effect sizes of vegetation predictability and temperature seasonality.

times the size of females (442 vs. 140km?) and male long-term
displacements covered twice the distance (36km for males
compared to 18 km for females). Males also moved over longer
routine daily displacements; however, the difference was less
pronounced (4.7 and 3.4km, resp.). Despite the profound sex
differences in space use, we found no evidence for sex-specific
responses to environmental covariates (Appendix S6): male and
female home range size and displacements decreased in a sim-
ilar fashion with increasing vegetation productivity, proportion
of early successional forest, and human footprint.

3.2 | Population-Level Differences in Space Use

For all three space use metrics, some variation remained that
could not be explained by fixed covariates (Table S5). Between-
population differences, that is, bears belonging to a given popula-
tion behaving in a similar fashion and different from bears in other
populations, accounted for 29%, 44%, and 21% of the remaining
variance in home range size, 10-day long-distance displacements,
and 1-day routine displacements, respectively. Additionally,

between-individual differences accounted for 46%, 26%, and 8%
of the remaining variance. The total explained variance including
fixed and random effects (conditional R?) was 82% for home range
size, 74% for 10-day displacement, and 55% for daily displacements
(Table S5). Based on the posterior distribution of the random in-
tercept for study population (Figure 5), that is, after accounting
for environmental fixed covariates, we found between population
differences and within population consistency in space use esti-
mates, hinting at uncontrolled environmental or intrinsic varia-
tion between populations. Continental intercepts were on average
140km? for home range size, 18km for 10-day displacements,
and 3.4km for daily displacements. Bears in the Carpathian and
Eastern Balkan populations showed limited space use compared
to the continental intercept across all spatiotemporal scales: they
occupied consistently smaller home ranges and moved over shorter
distances (10-day around 14km, 1-day <3km, Figure 5). Further,
bears in the Scandinavian population occupied consistently
smaller home ranges (100km?) and showed limited long-distance
displacements (13km), as compared to the continental intercept,
while bears in the Alpine occupied consistently larger home
ranges (287km?) than expected and showed more exploratory
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for each study population of brown bears in Europe. Continental model intercepts (mean + CI) are shown in gray and were on average 140km? for

home range size, 18 km for 10-day displacements, and 3.4km for daily displacements. Point estimates for population random intercepts in (a) home

range size ranged from 95 to 287km?, in (b) 10-day displacements ranged from 13 to 40km, and (c) in 1-day displacements ranged from 2.6 to 4.3km.

long-distance displacements (24km, Figure 5). Estimates for the
Pyrenean population should be treated with caution because of the
limited availability of movement data, stemming from only three
individuals included in our final dataset that were reintroduced
and tracked post-release (Table S2). Notably, these results do not
correspond to populations showing overall more expansive or
more limited space use (for this refer to Figure 2 and Table S2) but
rather highlight that some populations have consistently higher or
lower space use than expected, given the controlled intrinsic and
environmental factors moderating space use.

3.3 | Artificial Feeding

Nine out of 14 countries included in our study generally provided
artificial food to bears (Table S1), representing 211 of 758 annual
bear tracks from the Carpathian, Dinaric Pindos, Eastern Balkan
and Karelian populations. Given that we had no information on
the amount, spatial, or temporal distribution of artificial feeding at
the individual home range level we could not conclusively test the
effect of artificial feeding on brown bear space use with our data-
set. Yet, the raw data suggested smaller home ranges and shorter
daily movements for bears in populations where artificial feeding
is common, as compared to bears in populations where artificial
feeding is not common (Appendix S3).

4 | Discussion

We found that brown bear space use patterns across the European
continentwere jointly governed by resource availability and human
pressure while the effects of area-based conservation measures
were not supported. Specifically, bears occupied smaller home
ranges and moved less in areas of higher vegetation productivity
and predictability or where recently disturbed, early successional
forests provide abundant food (supporting our first hypothe-
sis). Increasing human footprint restricted bear space use while

increasing proportions of forest cover promoted movement (sup-
porting our second hypothesis), which corroborates earlier find-
ings of reduced mammalian movements in areas with high human
pressures at global scales (Doherty, Hays, and Driscoll 2021; Main
et al. 2020; Mumme et al. 2023; Tucker et al. 2018). Our findings
suggest that human footprint hinders landscape permeability for
brown bears on a continental scale. Contradicting to these find-
ings and to our third hypothesis, the amount of roadless area in
bear home ranges did not promote space use, potentially because
of the high fragmentation and the small size of roadless areas in
Europe (Ibisch et al. 2016). Alternatively, bears might show re-
stricted space use in areas with a high human footprint because
these areas provide abundant food through artificial feeding, crop-
lands, orchards, beehives, or garbage (Bautista et al. 2021). Human
pressures, including human footprint, forest disturbance, access
to artificial food, and recreational activities in protected areas are
ubiquitous across Europe. Here we provide the first comprehen-
sive overview on how anthropogenic effects govern the spatial
behavior of a recolonizing large mammal, the brown bear, across
Europe's highly fragmented and human-dominated landscape.

4.1 | Resource Availability Shapes Space Use: The
Role of Vegetation Productivity and Predictability,
Seasonality, Forestry, and Artificial Feeding

Brown bear populations in south-eastern Europe overall oc-
cupied the smallest home ranges and moved over shortest dis-
tances, while populations in Fennoscandia occupied the largest
ranges. This marked intraspecific variability seems to be the
outcome of different cost-to-benefit ratios of moving and acquir-
ing resources at varying levels of human pressure and resource
availability along the species’ distribution range. In line with
previous studies (Mcloughlin, Ferguson, and Messier 2000),
a gradient of natural variation in plant food availability drove
intraspecific variation in space use. Home ranges were smaller
and movement distances shorter in areas of higher vegetation
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productivity and predictability, well known proxies of forage
availability. Food resources are more limited at the northern lat-
itudes due to the gradual decline in the length of the growing
season and greater temperature seasonality, and consequently,
animals need to move over larger areas to find sufficient food
resources (Mcloughlin, Ferguson, and Messier 2000; Morellet
et al. 2013). Indeed, bears living at the northern edge of the
distribution range under higher temperature seasonality com-
pensated for the generally lower vegetation productivity and
spatiotemporal unpredictability of food resources by foraging
over larger areas and by travelling over longer long-distance dis-
placements, possibly in an attempt to track seasonal foods. We
found no support that vegetation predictability and seasonality
affected routine 1-day displacement distances, likely because,
on a daily basis, bears adapt foraging strategies to immediate
environmental cues and not to long-term spatiotemporal pre-
dictability of vegetation.

Additionally, we found that the proportion of recently disturbed
forest patches led to a reduction in movement and smaller
home ranges. Such early successional forests often offer clus-
tered and abundant food resources, such as ants or berries, and
bears may be able to satisfy caloric needs over smaller areas and
with shorter movement distances. While we could not quantify
whether these disturbances were anthropogenic (i.e., forestry)
or natural (i.e., bark beetle and wind falls) disturbances (Senf
and Seidl 2021), it has been estimated that 95% of all forest dis-
turbances in Europe are due to forestry (Curtis et al. 2018). It
is noteworthy that our inference on how recent forest distur-
bances affect bear space use comes primarily from the boreal
needleleaf forests in the Scandinavian and Karelian popula-
tion, and the broadleaf forests in the Carpathian population,
as the proportions of recent forest disturbances were small
in all other populations (Figure 1, Table S3). This aligns with
Sweden and Finland being the biggest timber producing indus-
tries in Europe, where ~2% of forest area is harvested every year
(Ceccherini et al. 2020). While several studies have evaluated
the relationship between forest clearings, food abundance, and
bear space use within populations (Frank et al. 2015; Larsen
et al. 2019; Nielsen et al. 2004), we here provide the first general-
izable evidence that forest disturbance may affect species move-
ments across larger spatial scales and biomes. Future research
should evaluate whether more generalizable patterns regarding,
for example, successional forest patch size or distribution, on an-
imal space use emerge.

We expected that space use would additionally be linked to
the exploitation of anthropogenic food resources in human-
dominated landscapes, such as agricultural fields or artifi-
cial feeding sites, as animals need to travel less to find food
(Doherty, Hays, and Driscoll 2021). While agricultural fields are
accounted for in the human footprint index and indeed bears
moved less in areas of higher human pressure, the use of readily
available artificial or diversionary feeding sites by brown bears
is likely more common. Although a reduction in home ranges
and movement distances associated with artificial feeding has
been previously shown in brown bears and other mammal spe-
cies (De Angelis et al. 2021; Jerina 2012; Selva et al. 2017), we
were not able to test for it at the continental scale. Our inference
was limited by the fact that we only had country-level binary
information on whether artificial feeding was used or not as a

management tool, which is too coarse to test for causal links
between artificial feeding and space use at the individual home
range level. While artificial feeding may be a used manage-
ment tool in a country, whether a feeding station is available
at the individual home range level and whether the amount of
food is comparable across stations and countries is unknown
(Appendix S4). We still assume that artificial feeding drives
differences in space use, as bear populations where artificial
feeding is a most prevalent management tool, particularly the
Carpathian, Dinaric Pindos and Eastern Balkan populations
(Bautista et al. 2017; Selva et al. 2017), consistently occupied
smaller home ranges and moved less than expected after con-
trolling for environmental covariates.

In summary, the link between bear space use and food avail-
ability was strong and supported through multiple pathways,
that is, vegetation productivity and predictability, temperature
seasonality, forest disturbance, and potentially access to artifi-
cial feeding sites. Climate change is predicted to alter vegetation
and fruit-based food availability across the latitudinal gradient
of Europe. For example, in Spain warming temperatures have
been linked to shifts in brown bear diet away from boreal and
temperate food items (Penteriani et al. 2019). Beechnut mast
production, an important food source for brown bears in central
and eastern Europe, has been shown to be suppressed in partic-
ularly hot and dry summers (Nussbaumer et al. 2020). And in
Fennoscandia, winter warming events, which melt the protec-
tive snow cover, followed by freezing temperatures have been
suggested to reduce berry crops, in particular on early succes-
sional forest stands that are lacking a protective canopy cover
(Hertel et al. 2018). Because we assume that bears can forage
effectively on berries on freshly disturbed forest stands, to the
degree that they can reduce movements and range size, and be-
cause harvest rotations are intensifying in Fennoscandia, we
also assume that ultimately climate induced shifts in food avail-
ability and abundance on disturbed forest stands may result in
changes of brown bear space use patterns.

4.2 | Human Footprint Restricts Space Use

Brown bears in Europe occupied home ranges with a median
human footprint ranging from 0 to 32, which aligns with the
human footprint range occupied by other large mammals
(Mumme et al. 2023; Tucker et al. 2018). Bears in central and
southern Europe were exposed to higher levels of human pres-
sures than bears in Fennoscandia (Figure 1), with bears in the
Italian Alps occupying home ranges with the highest human
footprint (Passoni, Coulson, and Cagnacci 2024). Across
Europe, bears moved less and occupied smaller home ranges
in areas with a higher human footprint. This reduction sug-
gests that some of the human pressures included in the human
footprint index, for example, human settlements or high-traffic
roads (Selva et al. 2011), can act as barriers to bear movements
at large spatiotemporal scales. Our study is the first to provide
generalizable evidence from multiple populations that brown
bear space use is affected by human pressures across biomes and
environmental conditions. Landscapes with high human foot-
print may also provide clustered, high-caloric food, for example,
in agricultural fields or garbage dumps, again modifying space
use in human-dominated landscapes via resource availability
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(Doherty, Hays, and Driscoll 2021). In line with these findings,
a higher proportion of forest cover in a bear's home range re-
sulted in longer routine daily movements, suggesting that more
contiguous forest cover with fewer edges promote less restricted
bear movements (Cimatti et al. 2021).

4.3 | Inconclusive Effect of Area-Based
Conservation Measures

Brown bear space use in Europe was largely unaffected by
area-based conservation measures, that is, the proportion of
protected and roadless areas within a bears' home range. The
only detectable effect was that long-distance displacements
were longer in areas with higher overlap with roadless areas.
However, the median proportion of IUCN strictly protected
areas, particularly strict nature reserves (Type Ia), wilderness
areas (Type Ib), and national parks (Type II) within a home
range was only 2%, and bears in the Italian Apennines were
the only ones overlapping primarily with a protected area.
Given the lack of overlap of bear home ranges with protected
areas, we could not conclusively test the effect of protected
areas on bear movement behavior. However, we suggest that
protected areas in Europe are too small and poorly connected
to encompass the spatial needs of highly mobile species, such
as the brown bear, and to impact their movement behavior.
In our analysis, we did not account for less-strictly protected
lands as well as not formally protected areas with restricted
human access (e.g., IUCN Types III-VI, Natura 2000 sites,
military training areas) which also may serve as corridors
or stepping stone habitats for wildlife. For example, military
training areas have facilitated the recolonization of wolves in
Germany (Reinhardt et al. 2019). More research is needed to
better understand how current conservation strategies affect
spatial behaviors of species with large spatial needs in highly
humanized landscapes.

Finally, we were not able to account for differences in pop-
ulation density on space use because currently bear popula-
tion density could only be estimated at a course country scale
(Table S1) which did not align with home range level differences
in density. Previous studies have suggested that population den-
sity affects bear-ranging behavior (Mcloughlin, Ferguson, and
Messier 2000), but given that higher local population densities
are likely supported by higher resource availability, we believe
that bear space use in Europe is restricted by food availability
and not population density per se.

4.4 | Potential Consequences of Altered Space Use
for Connectivity and Ecosystem Functioning

While the return of large carnivores in Europe can be consid-
ered a conservation success, it also highlights that large carni-
vore species must have strong behavioral adaptability in order
to coexist with humans (Gaynor et al. 2019; Gaynor et al. 2018;
Lamb et al. 2020). These behavioral adaptations can come at
a survival cost for individuals living in human-dominated
landscapes (Cosgrove, McWhorter, and Maron 2018; Lamb
et al. 2016; Oriol-Cotterill et al. 2015). For example, bears
moving into landscapes with high human pressure, including

roads and railroads, but with high food availability, faced an
elevated mortality risk such that these areas served as local
ecological sinks driving population decline (Lamb et al. 2016).
In addition, our observed disruption in long-distance 10-day
displacements in particular may have implications for popu-
lation expansion and demographic connectivity, potentially
impeding dispersal or mate-searching behavior (Barton
et al. 2019), and thereby promoting genetic isolation (Bischof,
Steyaert, and Kindberg 2017; Epps et al. 2005). Especially
for small and isolated populations (e.g., in southern Europe),
decreasing genetic diversity, inbreeding, and inbreeding de-
pression have been found, which can compromise population
viability (Benazzo et al. 2017; De Barba et al. 2010; Palazon
et al. 2012). For the small bear populations in the Italian
Apennine and the French-Spanish Pyrenees, which have long
been isolated and have no prospect for connectivity with other
populations, actions tailored at supporting movements and
range expansion are critical to promote population growth
for their recovery (Kervellec et al. 2023; Maiorano et al. 2019).
Where populations are in close proximity but barriers such as
high traffic roads and settlements restrict movement, such as
between the Dinaric Pindos and Carpathian populations in
Serbia, or the Alpine and Dinaric Pindos populations in the
Alps, corridors mitigating human pressures may aid in estab-
lishing inter-population connectivity (Bogdanovi¢ et al. 2023;
Peters et al. 2015). The special protection of long-distance
dispersers in particular, and of wide-ranging movement, in
general, has also been suggested as a conservation measure
to support population connectivity, particularly needed in
highly-modified landscapes like Europe (Barton et al. 2019).
However, recovering bear populations harbor the potential
for increased human-wildlife conflict (Bautista et al. 2017).
This is particularly true in expansion areas where bears have
been formerly extirpated and people have forgotten the knowl-
edge and tools, for example, about personal safety or livestock
protection, to share space with bears (Passoni, Coulson, and
Cagnacci 2024; Tosi et al. 2015).

Bears play an important role in the functioning of terres-
trial and aquatic ecosystems and as connectivity umbrella
species (Diserens et al. 2020; Dutta et al. 2023; Helfield and
Naiman 2006), therefore, the human-induced reduction of
their movements could have cascading impacts on many eco-
system processes and functions (Cosgrove, McWhorter, and
Maron 2018; Doherty, Hays, and Driscoll 2021). As mobile
omnivores (frugivores to a great extent), that travel between
habitats and ecosystems with varying levels of human foot-
print, they may be instrumental in shaping trophic interac-
tions and rewiring food webs (Bartley et al. 2019; Grinath,
Inouye, and Underwood 2015; Ripple et al. 2014). Bears ap-
pear to be effective as connectivity umbrellas for several other
coexisting mammals in Fennoscandia and in eastern Europe
(Dutta et al. 2023), emphasizing the value of the species in
anthropized regions. Although the functional role of bears
in European ecosystems with higher human footprint can be
questioned, studies have shown that, when the appropriate
management measures are taken, their role as seed dispers-
ers can be preserved, even in areas with high human pres-
sure (Garcia-Rodriguez, Selva, Zwijacz-Kozica, et al. 2021).
However, management practices such as artificial feeding are
likely to disrupt seed dispersal processes and predation effects
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on ungulate populations (Kuijper et al. 2016). To our knowl-
edge, the only region in Europe where any measurable top-
down regulatory effects by brown bears on ungulates have
been demonstrated is Scandinavia (Steen et al. 2022; Tallian
et al. 2021), where both vegetation productivity and human
footprint are generally low, and space use and mobility are
higher than in central or southern Europe. Such evidence
suggests potentially profound ecosystem-wide consequences
from reduced space use, in central and southern Europe's
human-dominated landscapes. Further research is needed on
how space use affects the role bears play in their ecosystem.
The implementation of effective measures to preserve animal
movements in areas with a high human footprint will be key
for the connectivity of recovering brown bear populations in
Europe.

5 | Conclusion

The observed intraspecific variability in brown bear space use
was driven by the different conditions in resource availability
and human footprint across the brown bear distribution range
in Europe. Bear space use was reduced in areas of increased
vegetation productivity and predictability, in less seasonal en-
vironments, in areas with more forest disturbances, and higher
human footprint. These results support the mounting evidence
that point to a global restructuring of animal movement caused
by the intensification of human activities (Doherty, Hays, and
Driscoll 2021; Main et al. 2020; Mumme et al. 2023; Tucker
et al. 2018). With the current expansion of large carnivores in
the highly fragmented European landscape, it will be of key im-
portance to reduce the negative impacts of humans on animal
movement to ensure the successful future conservation of these
populations and the functioning and resilience of the ecosys-
tems they inhabit.

Author Contributions

Anne G. Hertel: conceptualization, formal analysis, methodology,
visualization, writing - original draft. Aida Parres: formal analy-
sis, writing - original draft. Shane C. Frank: data curation. Julien
Renaud: data curation. Nuria Selva: conceptualization, funding
acquisition, investigation, writing - review and editing. Andreas
Zedrosser: conceptualization, funding acquisition, investigation,
writing - review and editing. Niko Balkenhol: funding acquisition,
writing - review and editing. Luigi Maiorano: funding acquisition,
investigation, writing - review and editing. Ancuta Fedorca: fund-
ing acquisition, investigation, writing - review and editing. Trishna
Dutta: writing - review and editing. Neda Bogdanovi¢: investi-
gation, writing - review and editing. Natalia Bragalanti: investi-
gation, writing - review and editing. Silviu Chiriac: investigation,
writing - review and editing. Dusko Cirovié: investigation, writing
- review and editing. Paolo Ciucci: investigation, writing — review
and editing. Csaba Domokos: investigation, writing — review and
editing. Mihai Fedorca: investigation, writing — review and edit-
ing. Stefano Filacorda: investigation, writing — review and edit-
ing. Slavomir Findo: investigation, writing - review and editing.
Claudio Groff: investigation, writing - review and editing. Miguel
de Gabriel Hernando: investigation, writing - review and editing.
Djuro Huber: investigation, writing — review and editing. Georgeta
Ionescu: investigation, writing - review and editing. Klemen
Jerina: investigation, writing - review and editing. Alexandros A.
Karamanlidis: investigation, writing - review and editing. Jonas

Kindberg: investigation, writing - review and editing. Ilpo Kojola:
investigation, writing - review and editing. Yorgos Mertzanis: in-
vestigation, writing — review and editing. Santiago Palazon: inves-
tigation, writing — review and editing. Mihai I. Pop: investigation,
writing - review and editing. Maria Psaralexi: investigation, writ-
ing - review and editing. Pierre Yves Quenette: investigation, writ-
ing - review and editing. Agnieszka Sergiel: investigation, writing
- review and editing. Michaela Skuban: investigation, writing - re-
view and editing. Diana Zlatanova: investigation, writing - review
and editing. Tomasz Zwijacz-Kozica: investigation, writing - re-
view and editing. Marta De Barba: conceptualization, data cura-
tion, funding acquisition, project administration, writing - review
and editing.

Affiliations

!Behavioural Ecology, Department of Biology, Ludwig-Maximilians
University of Munich, Munich, Germany | 2Institute of Nature
Conservation, Polish Academy of Sciences, Krakow, Poland | 3Faculty
of Technology, Department of Natural Sciences and Environmental
Health, Natural Sciences and Maritime Sciences, University of South-
Eastern Norway, Notodden, Norway | “Univ. Grenoble Alpes, Univ.
Savoie Mont Blanc, CNRS, LECA, Grenoble, France | *Departamento
de Ciencias Integradas, Facultad de Ciencias Experimentales, Centro
de Estudios Avanzados en Fisica, Matemdticas y Computacion,
Universidad de Huelva, Huelva, Spain | SEstacion Bioldgica de
Donana, Consejo Superior de Investigaciones Cientificas, Sevilla,
Spain | "Department for Integrative Biology, Institute for Wildlife
Biology and Game Management, University for Natural Resources and
Life Sciences, Vienna, Austria | $Wildlife Sciences, Faculty of Forest
Sciences and Forest Ecology, University of Gottingen, Gottingen,
Germany | °Department of Biology and Biotechnologies “Charles
Darwin”, Sapienza University of Rome, Roma, Italy | "Wildlife
Department, National Institute for Research and Development in
Forestry, Brasov, Romania | 11Faculty of Silviculture and Forest
Engineering, Department of Silviculture, Transilvania University
of Brasov, Brasov, Romania | 12European Forest Institute, Bonn,
Germany | Faculty of Biology, University of Belgrade, Belgrade,
Serbia | “Servizio Faunistic, Provincia Autonoma di Trento,
Trento, TN, Italy | Environmental Protection Agency Vrancea
County, Focsani, Romania | ®Milvus Group Bird and Nature
Protection Association, Tirgu Mures, Romania | 7Department
of Agri-Food, Environmental and Animal Sciences, University
of Udine, Udine, Italy | '8Carpathian Widlife Society, Zvolen,
Slovakia | YARCTUROS—Civil Society for the Protection and
Management of Wildlife and the Natural Environment, Florina,
Greece | Department of Biodiversity and Environmental
Management, Faculty of Biological and Environmental Sciences,
Universidad de Leén, Leén, Spain | *'Faculty of Veterinary
Medicine, University of Zagreb, Zagreb, Croatia | *?Department
of Forestry and Renewable Forest Resources, University of
Ljubljana, Biotechnical Faculty, Ljubljana, Slovenia | 2*Faculty
of Environmental Sciences and Natural Resource Management,
Norwegian University of Life Sciences, As, Norway | 2*Norwegian
Institute for Nature Research, Trondheim, Norway | 2°Department
of Wildlife, Fish, and Environmental Studies, Swedish University
of Agricultural Sciences, Umed, Sweden | 2°Natural Resources
Institute Finland, Helsinki, Finland | ?’“Callisto” Wildlife and
Nature Conservation Society, Thessaloniki, Greece | 2Fauna and
Flora Service. Department of Climate Action, Food and Rural Agenda,
Government of Catalonia, Barcelona, Spain | 2?Association for the
Conservation of Biological Diversity, Focsani, Romania | 3’Research
and Development Institute for Wildlife and Mountain Resources,
Miercurea Ciuc, Romania | 3!'Department of Ecology, School of
Biology, Aristotle University, Thessaloniki, Greece | 32Research and
Scientific Support Direction, French Biodiversity Agency, Villeneuve
de Riviere, France | 33Department of Zoology and Anthropology,
Faculty of Biology/Sofia University “St. Kliment Ohridski”, Sofia,
Bulgaria | 3#Tatra National Park, Zakopane, Poland | 3°Biotechnical

13 0f 18

85U8017 SUOWILLOD BATea1D [qedljdde aus A pausenob afe sejoie YO ‘8sN JO Sa|nJ oy A%eiq1T8UlUO A8]IM UO (SUOTIPUOO-PUB-SWLRI WD A8 |IMAeIq 1 U1 |UO//SdNL) SUORIPUOD PUe SWB | 8L 885 *[G202/T0/90] U0 AriqiaulluO AB[IM ‘U0APOIAZId AuoyoO 1MAIsU Aq TTO0L GOB/TTTT OT/I0p/L00" A8 1M Ake.q 1 pul|uoy//:Sdny WOy pepeoiumod ‘T ‘GZ0Z ‘98vZS9ET



Faculty, Department of Biology, University of Ljubljana, Ljubljana,
Slovenia | 3°DivjaLabs Ltd., Ljubljana, Slovenia

Acknowledgements

BearConnect is an initiative for large-scale mobilization of brown
bear data in Europe for conservation. It is currently self-funded by
BearConnect project partners and supported by close collabora-
tion with researchers and stakeholders. BearConnect was initially
funded by BiodivERsA (Horizon 2020 ERA-NET COFUND) through
the 2015-2016 BiodivERsA COFUND call, with national funders
ANR (ANR16-EBI3-0003), NCN (2016/22/Z/NZ8/00121), BMBF
DLR-PT (01LC1614A), CCCDI—UEFISCDI (BiodivERSA3-2015-147-
BearConnect (96/2016)), and RCN (269863).

AGH has received funding from the German Science Foundation (HE
8857/1-1). AP was funded by the National Science Centre in Poland
(project PRELUDIUM 2022/45/N/NZ8/04127). We thank Johannes de
Groeve for sharing code to calculate NDVI predictability. This is paper
no. 26 from BearConnect.

The research was supported by the following entities:

Italy: GPS locations in the Apennine bear population were collected in
a research project funded by a private US donor through the Wildlife
Conservation Society, LM and PC were funded by the European Union—
NextGenerationEU National Biodiversity Future Center. Access to the
GPS telemetry data for the brown bears expanding from Trentino, Italy
was provided by the Edmund Mach Foundation.

Poland: the project GLOBE (POL-NOR/198352/85/2013) is funded by
the Norway Grants under the Polish-Norwegian Research Programme
operated by the National Center for Research and Development, and
Tatra National Park brown bear conservation plan.

Romania: Romanian Ministry of Research, Innovation and
Digitalization funds—PN23090304 (12N/01.01.2023).

Scandinavia: The Scandinavian Brown Bear Research Project is funded
by the Swedish Environmental Protection Agency and the Norwegian
Environmental Protection Agency.

Serbia: The research was supported by the Serbian Ministry of Education,
Science, and Technological Development (451-03-68/2022-14/200178).

Slovakia: GPS telemetry study of bears in Slovakia was supported by
Dr. Joachim and Hanna Schmidt Stiftung fiir Umwelt und Verkehr,
Germany, and the project ITMS 26220120069 under the Operational
Programme Research and Development funded by the European
Regional Development Fund.

Slovenia: Brown bear telemetry studies in Slovenia were financed by
the European Union, the Ministry of the Environment and Spatial
Planning of Slovenia, the Slovenia Research and Innovation Agency,
and the Slovenian Environment Agency (projects J4-7362, LIFE13
NAT/SI/000550, P4-0059).

Conflicts of Interest

The authors declare no conflicts of interest.

Data Availability Statement

The data and R code that support the findings of this study are openly
available in the OpenScience Framework at https://doi.org/10.17605/
OSF.IO/XH39F. This specimen represents an endangered or threatened
species. The specific locality has been removed from the online record
to protect this species from over-collection. These data may be sup-
plied to researchers on request. The total vegetation productivity 2017-
2023 layers were obtained from European Union's Copernicus Land
Monitoring Service information at https://doi.org/10.2909/977e4bb8-
407f-48ec-b4c4-403bca5a6a3b,  https://land.copernicus.eu/en/produ
cts/vegetation/high-resolution-total-productivity#download. MODIS
NDVI maps were obtained from the Land Processes Distributed Active

Archive Center at https://doi.org/10.5067/MODIS/MOD13A3.006.
The Human Footprint Index V3 (effective 2009) were obtained from
Dryad at https://doi.org/10.5061/dryad.052q5. Temperature seasonality
was obtained from the WORLDCLIM bioclimatic variables dataset at
https://osf.io/t2jfz/. Forest cover and disturbance were obtained from
Zenodo at https://doi.org/10.5281/zenodo.3924381. Digital Elevation
Models were obtained from https://www.gpxz.io/blog/eudem (25m res-
olution) and the European Environmental Agency at https://www.eea.
europa.eu/ds_resolveuid/d9cd252baa831ac4469ae055dbd8a8cl (1km
resolution). Protected areas were obtained from the World Database on
Protected Areas at https://www.protectedplanet.net/. Roadless areas
were obtained from http://www.roadless.online/. This study used the R
packages amt (https://doi.org/10.32614/CRAN.package.amt), adehabi-
tat (https://doi.org/10.32614/CRAN.package.adehabitatHR), hydrostats
(https://doi.org/10.32614/CR AN.package.hydrostats), tlocoh (http://tlo-
coh.r-forge.r-project.org), brms (https://doi.org/10.32614/CRAN.packa
ge.brms), terra (https://doi.org/10.32614/CRAN.package.terra), raster
(https://doi.org/10.32614/CRAN.package.raster), sf (https://doi.org/10.
32614/CRAN.package.sf), sp (https://doi.org/10.32614/CRAN.package.
sp) and tidyverse (https://doi.org/10.32614/CRAN.package.tidyverse).

References

Abrahms, B., N. H. Carter, T. J. Clark-Wolf, et al. 2023. “Climate Change
as a Global Amplifier of Human-Wildlife Conflict.” Nature Climate
Change 13, no. 3: 224-234. https://doi.org/10.1038/s41558-023-01608-5.

Barnosky, A. D., E. A. Hadly, J. Bascompte, et al. 2012. “Approaching a
State Shift in Earth's Biosphere.” Nature 486, no. 7401: 52-58. https://
doi.org/10.1038/nature11018.

Bartley, T. J., K. S. McCann, C. Bieg, et al. 2019. “Food Web Rewiring
in a Changing World.” Nature Ecology & Evolution 3, no. 3: 345-354.
https://doi.org/10.1038/541559-018-0772-3.

Barton, K. A., T. Zwijacz-Kozica, F. Zigba, A. Sergiel, and N. Selva.
2019. “Bears Without Borders: Long-Distance Movement in Human-
Dominated Landscapes.” Global Ecology and Conservation €00541:
€00541. https://doi.org/10.1016/j.gecco.2019.e00541.

Bautista, C., E. Revilla, T. Berezowska-Cnota, N. Fernandez, J. Naves,
and N. Selva. 2021. “Spatial Ecology of Conflicts: Unravelling Patterns of
Wildlife Damage at Multiple Scales.” Proceedings of the Royal Society B:
Biological Sciences 288:20211394. https://doi.org/10.1098/rspb.2021.1394.

Bautista, C., J. Naves, E. Revilla, et al. 2017. “Patterns and Correlates
of Claims for Brown Bear Damage on a Continental Scale.” Journal of
Applied Ecology 54, no. 1: 282-292. https://doi.org/10.1111/1365-2664.
12708.

Benazzo, A., E. Trucchi, J. A. Cahill, et al. 2017. “Survival and
Divergence in a Small Group: The Extraordinary Genomic History of
the Endangered Apennine Brown Bear Stragglers.” Proceedings of the
National Academy of Sciences of the United States of America 114, no. 45:
E9589-E9597. https://doi.org/10.1073/pnas.1707279114.

Bischof, R.,S.M.J. G. Steyaert, and J. Kindberg. 2017. “Caught in the Mesh:
Roads and Their Network-Scale Impediment to Animal Movement.”
Ecography 40, no. 12: 1369-1380. https://doi.org/10.1111/ecog.02801.

Bogdanovi¢, N., A. Zedrosser, A. G. Hertel, A. Zarzo-Arias, and D.
Cirovi¢. 2023. “Where to Go? Habitat Preferences and Connectivity at a
Crossroad of European Brown Bear Metapopulations.” Global Ecology
and Conservation 43: e02460. https://doi.org/10.1016/j.gecco.2023.
€02460.

Bond, N. 2022. “Hydrostats: Hydrologic Indices for Daily Time Series
Data.” R Package Version 0.2.9, 4, 16. https://CRAN.R-project.org/
package=hydrostats.

Brennan, A., R. Naidoo, L. Greenstreet, Z. Mehrabi, N. Ramankutty,
and C. Kremen. 2022. “Functional Connectivity of the World's Protected
Areas.” Science 376, no. 6597: 1101-1104. https://doi.org/10.1126/scien
ce.abl8974.

14 of 18

Global Change Biology, 2025

85U8017 SUOWILLOD BATea1D [qedljdde aus A pausenob afe sejoie YO ‘8sN JO Sa|nJ oy A%eiq1T8UlUO A8]IM UO (SUOTIPUOO-PUB-SWLRI WD A8 |IMAeIq 1 U1 |UO//SdNL) SUORIPUOD PUe SWB | 8L 885 *[G202/T0/90] U0 AriqiaulluO AB[IM ‘U0APOIAZId AuoyoO 1MAIsU Aq TTO0L GOB/TTTT OT/I0p/L00" A8 1M Ake.q 1 pul|uoy//:Sdny WOy pepeoiumod ‘T ‘GZ0Z ‘98vZS9ET


https://doi.org/10.17605/OSF.IO/XH39F
https://doi.org/10.17605/OSF.IO/XH39F
https://doi.org/10.2909/977e4bb8-407f-48ec-b4c4-403bca5a6a3b
https://doi.org/10.2909/977e4bb8-407f-48ec-b4c4-403bca5a6a3b
https://land.copernicus.eu/en/products/vegetation/high-resolution-total-productivity#download
https://land.copernicus.eu/en/products/vegetation/high-resolution-total-productivity#download
https://doi.org/10.5067/MODIS/MOD13A3.006
https://doi.org/10.5061/dryad.052q5
https://osf.io/t2jfz/
https://doi.org/10.5281/zenodo.3924381
https://www.gpxz.io/blog/eudem2
https://www.eea.europa.eu/ds_resolveuid/d9cd252baa831ac4469ae055dbd8a8c1
https://www.eea.europa.eu/ds_resolveuid/d9cd252baa831ac4469ae055dbd8a8c1
https://www.protectedplanet.net/
http://www.roadless.online/
https://doi.org/10.32614/CRAN.package.amt
https://doi.org/10.32614/CRAN.package.adehabitatHR
https://doi.org/10.32614/CRAN.package.hydrostats
http://tlocoh.r-forge.r-project.org
http://tlocoh.r-forge.r-project.org
https://doi.org/10.32614/CRAN.package.brms
https://doi.org/10.32614/CRAN.package.brms
https://doi.org/10.32614/CRAN.package.terra
https://doi.org/10.32614/CRAN.package.raster
https://doi.org/10.32614/CRAN.package.sf
https://doi.org/10.32614/CRAN.package.sf
https://doi.org/10.32614/CRAN.package.sp
https://doi.org/10.32614/CRAN.package.sp
https://doi.org/10.32614/CRAN.package.tidyverse
https://doi.org/10.1038/s41558-023-01608-5
https://doi.org/10.1038/nature11018
https://doi.org/10.1038/nature11018
https://doi.org/10.1038/s41559-018-0772-3
https://doi.org/10.1016/j.gecco.2019.e00541
https://doi.org/10.1098/rspb.2021.1394
https://doi.org/10.1111/1365-2664.12708
https://doi.org/10.1111/1365-2664.12708
https://doi.org/10.1073/pnas.1707279114
https://doi.org/10.1111/ecog.02801
https://doi.org/10.1016/j.gecco.2023.e02460
https://doi.org/10.1016/j.gecco.2023.e02460
https://cran.r-project.org/package=hydrostats
https://cran.r-project.org/package=hydrostats
https://doi.org/10.1126/science.abl8974
https://doi.org/10.1126/science.abl8974

Biirkner, P. 2017. “brms: An R Package for Bayesian Multilevel Models
Using Stan.” Journal of Statistical Software 80, no. 1: 1-28. https://doi.
0rg/10.18637/jss.v080.i01.

Calenge, C. 2006. “The Package “Adehabitat” for the R Software: A
Tool for the Analysis of Space and Habitat Use by Animals.” Ecological
Modelling 197, no. 3: 516-519.

Ceccherini, G., G. Duveiller, G. Grassi, et al. 2020. “Abrupt Increase in
Harvested Forest Area Over Europe After 2015.” Nature 583, no. 7814:
72-77. https://doi.org/10.1038/s41586-020-2438-y.

Chapron, G., P. Kaczensky, J. D. Linnell, et al. 2014. “Recovery of Large
Carnivores in Europe's Modern Human-Dominated Landscapes.”
Science 346, no. 6216: 1517-1519.

Cimatti, M., N. Ranc, A. Benitez-Lopez, et al. 2021. “Large Carnivore
Expansion in Europe Is Associated With Human Population Density
and Land Cover Changes.” Diversity and Distributions 27, no. 4: 602—
617. https://doi.org/10.1111/ddi.13219.

Colwell, R. K. 1974. “Predictability, Constancy, and Contingency of
Periodic Phenomena.” Ecology 55, no. 5: 1148-1153. https://doi.org/10.
2307/1940366.

Copernicus. 2020. “High Resolution Vegetation Phenology and
Productivity.” https://land.copernicus.eu/pan-european/biophysica
l-parameters/high-resolution-vegetation-phenology-and-productivity.

Cosgrove, A.J., T.J. McWhorter, and M. Maron. 2018. “Consequences of
Impediments to Animal Movements at Different Scales: A Conceptual
Framework and Review.” Diversity and Distributions 24, no. 4: 448-459.
https://doi.org/10.1111/ddi.12699.

Curtis, P. G., C. M. Slay, N. L. Harris, A. Tyukavina, and M. C. Hansen.
2018. “Classifying Drivers of Global Forest Loss.” Science 361, no. 6407:
1108-1111. https://doi.org/10.1126/science.aau3445.

Dahle, B, and J. E. Swenson. 2003. “Home Ranges in Adult Scandinavian
Brown Bears (Ursus arctos): Effect of Mass, Sex, Reproductive Category,
Population Density and Habitat Type.” Journal of Zoology 260, no. 4:
329-335.

Dammbhahn, M., P. Lange, and J. A. Eccard. 2022. “The Landscape of
Fear Has Individual Layers: An Experimental Test of Among-Individual
Differences in Perceived Predation Risk During Foraging.” Oikos 2022,
no. 6: €09124. https://doi.org/10.1111/0ik.09124.

De Angelis, D., D. Huber, S. Reljic, P. Ciucci, and J. Kusak. 2021.
“Factors Affecting the Home Range of Dinaric-Pindos Brown Bears.”
Journal of Mammalogy 102, no. 2: 481-493. https://doi.org/10.1093/
jmammal/gyab018.

De Barba, M., L. P. Waits, E. O. Garton, et al. 2010. “The Power of
Genetic Monitoring for Studying Demography, Ecology and Genetics of
a Reintroduced Brown Bear Population.” Molecular Ecology 19, no. 18:
3938-3951. https://doi.org/10.1111/j.1365-294X.2010.04791.x.

de Gabriel Hernando, M., A. A. Karamanlidis, K. Grivas, L.
Krambokoukis, G. Papakostas, and J. Beecham. 2020. “Reduced
Movement of Wildlife in Mediterranean Landscapes: A Case Study of
Brown Bears in Greece.” Journal of Zoology 311, no. 2: 126-136. https://
doi.org/10.1111/jz0.12768.

Deacy, W. W., J. B. Armstrong, W. B. Leacock, et al. 2017. “Phenological
Synchronization Disrupts Trophic Interactions Between Kodiak Brown
Bears and Salmon.” Proceedings of the National Academy of Sciences of
the United States of America 114, no. 39: 10432-10437. https://doi.org/10.
1073/pnas.1705248114.

Diserens, T. A., M. Churski, J. W. Bubnicki, et al. 2020. “A Dispersing Bear
in Biatlowieza Forest Raises Important Ecological and Conservation Mana-
gement Questions for the Central European Lowlands.” Global Ecology
and Conservation 23: €01190. https://doi.org/10.1016/j.gecco.2020.01190.

Doherty, T.S., G. C. Hays, and D. A. Driscoll. 2021. “Human Disturbance
Causes Widespread Disruption of Animal Movement.” Nature Ecology &
Evolution 5, no. 4: 513-519. https://doi.org/10.1038/s41559-020-01380-1.

Dutta, T., M. De Barba, N. Selva, et al. 2023. “An Objective Approach
to Select Surrogate Species for Connectivity Conservation.” Frontiers in
Ecology and Evolution 11: 1078649. https://doi.org/10.3389/fevo.2023.
1078649.

Ellis-Soto, D., M. Wikelski, and W. Jetz. 2023. “Animal-Borne Sensors
as a Biologically Informed Lens on a Changing Climate.” Nature
Climate Change 13, no. 10: 1042-1054. https://doi.org/10.1038/s41558-
023-01781-7.

Epps, C. W,, P. J. Palsbell, J. D. Wehausen, G. K. Roderick, R. R. Ramey
II, and D. R. McCullough. 2005. “Highways Block Gene Flow and Cause
a Rapid Decline in Genetic Diversity of Desert Bighorn Sheep.” Ecology
Letters 8, no. 10: 1029-1038. https://doi.org/10.1111/j.1461-0248.2005.
00804.x.

Fahrig, L. 2007. “Non-Optimal Animal Movement in Human-Altered
Landscapes.” Functional Ecology 21, no. 6: 1003-1015. https://doi.org/
10.1111/§.1365-2435.2007.01326.x.

Fick, S. E., and R. J. Hijmans. 2017. “WorldClim 2: New 1-Km Spatial
Resolution Climate Surfaces for Global Land Areas.” International
Journal of Climatology 37, no. 12: 4302-4315. https://doi.org/10.1002/
joc.5086.

Frank, S. C., S. M. Steyaert, J. E. Swenson, et al. 2015. “A “Clearcut”
Case? Brown Bear Selection of Coarse Woody Debris and Carpenter
Ants on Clearcuts.” Forest Ecology and Management 348: 164-173.
https://doi.org/10.1016/j.foreco.2015.03.051.

Garcia-Rodriguez, A., J. Albrecht, S. Szczutkowska, A. Valido, N.
Farwig, and N. Selva. 2021. “The Role of the Brown Bear Ursus arctos
as a Legitimate Megafaunal Seed Disperser.” Scientific Reports 11, no. 1:
1282. https://doi.org/10.1038/s41598-020-80440-9.

Garcia-Rodriguez, A., N. Selva, T. Zwijacz-Kozica, et al. 2021. “The
Bear-Berry Connection: Ecological and Management Implications
of Brown Bears' Food Habits in a Highly Touristic Protected Area.”
Biological Conservation 264: 109376. https://doi.org/10.1016/j.biocon.
2021.109376.

Gaynor, K. M., C. E. Hojnowski, N. H. Carter, and J. S. Brashares. 2018.
“The Influence of Human Disturbance on Wildlife Nocturnality.”
Science 360, no. 6394: 1232-1235. https://doi.org/10.1126/science.
aar7121.

Gaynor, K. M., J. S. Brown, A. D. Middleton, M. E. Power, and J.
S. Brashares. 2019. “Landscapes of Fear: Spatial Patterns of Risk
Perception and Response.” Trends in Ecology & Evolution 34: 355-368.
https://doi.org/10.1016/j.tree.2019.01.004.

Geldmann, J., M. Barnes, L. Coad, I. D. Craigie, M. Hockings, and N. D.
Burgess. 2013. “Effectiveness of Terrestrial Protected Areas in Reducing
Habitat Loss and Population Declines.” Biological Conservation 161:
230-238. https://doi.org/10.1016/j.biocon.2013.02.018.

Grinath, J. B., B. D. Inouye, and N. C. Underwood. 2015. “Bears
Benefit Plants via a Cascade With Both Antagonistic and Mutualistic
Interactions.” Ecology Letters 18, no. 2: 164-173.

Helfield, J. M., and R. J. Naiman. 2006. “Keystone Interactions: Salmon
and Bear in Riparian Forests of Alaska.” Ecosystems 9: 167-180.

Hertel, A. G. 2024. Data & Code: Human Footprint and Forest
Disturbance Reduce Space Use of Brown Bears Across Europe. Open
Science Framework.

Hertel, A. G., R. Bischof, O. Langval, et al. 2018. “Berry Production
Drives Bottom-Up Effects on Body Mass and Reproductive Success in
an Omnivore.” Oikos 127, no. 2: 197-207. https://doi.org/10.1111/oik.
04515.

Hofmann, D. D., D. M. Behr, J. W. McNutt, A. Ozgul, and G. Cozzi.
2021. “Bound Within Boundaries: Do Protected Areas Cover
Movement Corridors of Their Most Mobile, Protected Species?”
Journal of Applied Ecology 58, no. 6: 1133-1144. https://doi.org/10.
1111/1365-2664.13868.

150f 18

85U8017 SUOWILLOD BATea1D [qedljdde aus A pausenob afe sejoie YO ‘8sN JO Sa|nJ oy A%eiq1T8UlUO A8]IM UO (SUOTIPUOO-PUB-SWLRI WD A8 |IMAeIq 1 U1 |UO//SdNL) SUORIPUOD PUe SWB | 8L 885 *[G202/T0/90] U0 AriqiaulluO AB[IM ‘U0APOIAZId AuoyoO 1MAIsU Aq TTO0L GOB/TTTT OT/I0p/L00" A8 1M Ake.q 1 pul|uoy//:Sdny WOy pepeoiumod ‘T ‘GZ0Z ‘98vZS9ET


https://doi.org/10.18637/jss.v080.i01
https://doi.org/10.18637/jss.v080.i01
https://doi.org/10.1038/s41586-020-2438-y
https://doi.org/10.1111/ddi.13219
https://doi.org/10.2307/1940366
https://doi.org/10.2307/1940366
https://land.copernicus.eu/pan-european/biophysical-parameters/high-resolution-vegetation-phenology-and-productivity
https://land.copernicus.eu/pan-european/biophysical-parameters/high-resolution-vegetation-phenology-and-productivity
https://doi.org/10.1111/ddi.12699
https://doi.org/10.1126/science.aau3445
https://doi.org/10.1111/oik.09124
https://doi.org/10.1093/jmammal/gyab018
https://doi.org/10.1093/jmammal/gyab018
https://doi.org/10.1111/j.1365-294X.2010.04791.x
https://doi.org/10.1111/jzo.12768
https://doi.org/10.1111/jzo.12768
https://doi.org/10.1073/pnas.1705248114
https://doi.org/10.1073/pnas.1705248114
https://doi.org/10.1016/j.gecco.2020.e01190
https://doi.org/10.1038/s41559-020-01380-1
https://doi.org/10.3389/fevo.2023.1078649
https://doi.org/10.3389/fevo.2023.1078649
https://doi.org/10.1038/s41558-023-01781-7
https://doi.org/10.1038/s41558-023-01781-7
https://doi.org/10.1111/j.1461-0248.2005.00804.x
https://doi.org/10.1111/j.1461-0248.2005.00804.x
https://doi.org/10.1111/j.1365-2435.2007.01326.x
https://doi.org/10.1111/j.1365-2435.2007.01326.x
https://doi.org/10.1002/joc.5086
https://doi.org/10.1002/joc.5086
https://doi.org/10.1016/j.foreco.2015.03.051
https://doi.org/10.1038/s41598-020-80440-9
https://doi.org/10.1016/j.biocon.2021.109376
https://doi.org/10.1016/j.biocon.2021.109376
https://doi.org/10.1126/science.aar7121
https://doi.org/10.1126/science.aar7121
https://doi.org/10.1016/j.tree.2019.01.004
https://doi.org/10.1016/j.biocon.2013.02.018
https://doi.org/10.1111/oik.04515
https://doi.org/10.1111/oik.04515
https://doi.org/10.1111/1365-2664.13868
https://doi.org/10.1111/1365-2664.13868

Humphries, M. M., D. W. Thomas, and J. R. Speakman. 2002. “Climate-
Mediated Energetic Constraints on the Distribution of Hibernating
Mammals.” Nature 418, no. 6895: 313-316.

Héamiéldinen, A., K. Broadley, A. Droghini, et al. 2017. “The Ecological
Significance of Secondary Seed Dispersal by Carnivores.” Ecosphere 8,
no. 2: e01685. https://doi.org/10.1002/ecs2.1685.

Ibisch, P. L., M. T. Hoffmann, S. Kreft, et al. 2016. “A Global Map of
Roadless Areas and Their Conservation Status.” Science 354, no. 6318:
1423-1427. https://doi.org/10.1126/science.aaf7166.

Jerina, K. 2012. “Roads and Supplemental Feeding Affect Home-Range
Size of Slovenian Red Deer More Than Natural Factors.” Journal of
Mammalogy 93, no. 4: 1139-1148. https://doi.org/10.1644/11-mamm-a-
136.1.

Jones, K. R., O. Venter, R. A. Fuller, et al. 2018. “One-Third of Global
Protected Land Is Under Intense Human Pressure.” Science 360, no.
6390: 788-791. https://doi.org/10.1126/science.aap9565.

Joppa, L. N., and A. Pfaff. 2009. “High and Far: Biases in the Location
of Protected Areas.” PLoS One 4, no. 12: e8273. https://doi.org/10.1371/
journal.pone.0008273.

Kaczensky, P., J. D. C. Linnell, D. Huber, et al. 2021. “IUCN Red List
Mapping for the Regional Assessment of the Brown Bear Ursus arctos in
Europe.” https://doi.org/10.5281/zenodo.5060137.

Kauffman, M. J., F. Cagnacci, S. Chamaillé-Jammes, et al. 2021.
“Mapping Out a Future for Ungulate Migrations.” Science 372, no. 6542:
566-569. https://doi.org/10.1126/science.abf0998.

Kays, R., M. C. Crofoot, W. Jetz, and M. Wikelski. 2015. “Terrestrial
Animal Tracking as an Eye on Life and Planet.” Science 80: 348. https://
doi.org/10.1126/science.aaa2478.

Kervellec, M., C. Milleret, C. Vanpé, et al. 2023. “Integrating
Opportunistic and Structured Non-invasive Surveys With Spatial
Capture-Recapture Models to Map Connectivity of the Pyrenean Brown
Bear Population.” Biological Conservation 278: 109875. https://doi.org/
10.1016/j.biocon.2022.109875.

Krofel, M., I. Kos, and K. Jerina. 2012. “The Noble Cats and the Big
Bad Scavengers: Effects of Dominant Scavengers on Solitary Predators.”
Behavioral Ecology and Sociobiology 66, no. 9: 1297-1304. https://doi.
0rg/10.1007/s00265-012-1384-6.

Kruschke, J. 2014. “Doing Bayesian Data Analysis: A Tutorial With R,
JAGS, and Stan, JAGS.”

Kuijper, D. P. J., E. Sahlén, B. Elmhagen, et al. 2016. “Paws Without
Claws? Ecological Effects of Large Carnivores in Anthropogenic
Landscapes.” Proceedings of the Royal Society B: Biological Sciences 283,
no. 1841:20161625. https://doi.org/10.1098/rspb.2016.1625.

Lamb, C. T., A. T. Ford, B. N. McLellan, et al. 2020. “The Ecology of
Human-Carnivore Coexistence.” Proceedings of the National Academy
of Sciences of the United States of America 117, no. 30: 17876-17883.
https://doi.org/10.1073/pnas.1922097117.

Lamb, C. T., G. Mowat, A. Reid, et al. 2018. “Effects of Habitat Quality
and Access Management on the Density of a Recovering Grizzly Bear
Population.” Journal of Applied Ecology 55, no. 3: 1406-1417. https://doi.
org/10.1111/1365-2664.13056.

Lamb, C. T., G. Mowat, B. N. McLellan, S. E. Nielsen, and S. Boutin.
2016. “Forbidden Fruit: Human Settlement and Abundant Fruit Create
an Ecological Trap for an Apex Omnivore.” Journal of Animal Ecology
86, no. 1: 55-65. https://doi.org/10.1111/1365-2656.12589.

Larsen, T. A., S. E. Nielsen, J. Cranston, and G. B. Stenhouse. 2019. “Do
Remnant Retention Patches and Forest Edges Increase Grizzly Bear
Food Supply?” Forest Ecology and Management 433: 741-761. https://
doi.org/10.1016/j.foreco.2018.11.031.

Lodberg-Holm, H. K., H. W. Gelink, A. G. Hertel, J. E. Swenson, M.
Domevscik, and S. M. J. G. Steyaert. 2019. “A Human-Induced Landscape

of Fear Influences Foraging Behavior of Brown Bears.” Basic and Applied
Ecology 35: 18-27. https://doi.org/10.1016/j.baae.2018.12.001.

Lyons, A.J., W. C. Turner, and W. M. Getz. 2013. “Home Range Plus:
A Space-Time Characterization of Movement Over Real Landscapes.”
Movement Ecology 1, no. 1: 2. https://doi.org/10.1186/2051-3933-1-2.

Main, M. T., R. A. Davis, D. Blake, H. Mills, and T. S. Doherty. 2020.
“Human Impact Overrides Bioclimatic Drivers of Red Fox Home Range
Size Globally.” Diversity and Distributions 26, no. 9: 1083-1092. https://
doi.org/10.1111/ddi.13115.

Maiorano, L., L. Chiaverini, M. Falco, and P. Ciucci. 2019. “Combining
Multi-State Species Distribution Models, Mortality Estimates, and
Landscape Connectivity to Model Potential Species Distribution for
Endangered Species in Human Dominated Landscapes.” Biological
Conservation 237: 19-27. https://doi.org/10.1016/j.biocon.2019.06.014.

McElreath, R. 2020. Statistical Rethinking: A Bayesian Course With
Examples in R and Stan. Chapman & Hall: CRC Press.

Mcloughlin, P. D., S. H. Ferguson, and F. Messier. 2000. “Intraspecific
Variation in Home Range Overlap With Habitat Quality: A Comparison
Among Brown Bear Populations.” Evolutionary Ecology 14, no. 1: 39-60.

Monterroso, P., N. Sillero, L. M. Rosalino, F. Loureiro, and P. C.
Alves. 2013. “Estimating Home-Range Size: When to Include a Third
Dimension?” Ecology and Evolution 3, no. 7: 2285-2295. https://doi.org/
10.1002/ece3.590.

Morellet, N., C. Bonenfant, L. Borger, et al. 2013. “Seasonality, Weather
and Climate Affect Home Range Size in Roe Deer Across a Wide
Latitudinal Gradient Within Europe.” Journal of Animal Ecology 82, no.
6:1326-1339. https://doi.org/10.1111/1365-2656.12105.

Mumme, S., A. D. Middleton, P. Ciucci, et al. 2023. “Wherever I May
Roam—Human Activity Alters Movements of Red Deer (Cervus ela-
phus) and Elk (Cervus canadensis) Across Two Continents.” Global
Change Biology 29, no. 20: 5788-5801. https://doi.org/10.1111/gcb.16769.

Nathan, R., C. T. Monk, R. Arlinghaus, et al. 2022. “Big-Data
Approaches Lead to an Increased Understanding of the Ecology of
Animal Movement.” Science 375, no. 6582: eabg1780. https://doi.org/10.
1126/science.abg1780.

Nathan, R., W. M. Getz, E. Revilla, et al. 2008. “A Movement Ecology
Paradigm for Unifying Organismal Movement Research.” Proceedings
of the National Academy of Sciences of the United States of America 105,
no. 49: 19052-19059.

Newbold, T., L. N. Hudson, S. L. Hill, et al. 2015. “Global Effects of Land
Use on Local Terrestrial Biodiversity.” Nature 520, no. 7545: 45-50.
https://doi.org/10.1038/naturel4324.

Nielsen, S. E., R. H. M. Munro, E. L. Bainbridge, G. B. Stenhouse,
and M. S. Boyce. 2004. “Grizzly Bears and Forestry: II. Distribution
of Grizzly Bear Foods in Clearcuts of West-Central Alberta, Canada.”
Forest Ecology and Management 199, no. 1: 67-82. https://doi.org/10.
1016/j.foreco.2004.04.015.

Nilsen, E. B., I. Herfindal, and J. D. C. Linnell. 2005. “Can Intra-Specific
Variation in Carnivore Home-Range Size Be Explained Using Remote-
Sensing Estimates of Environmental Productivity?” Ecoscience 12, no.
1: 68-75. https://doi.org/10.2980/i1195-6860-12-1-68.1.

Nussbaumer, A., K. Meusburger, M. Schmitt, et al. 2020. “Extreme
Summer Heat and Drought Lead to Early Fruit Abortion in European
Beech.” Scientific Reports 10, no. 1: 5334. https://doi.org/10.1038/s4159
8-020-62073-0.

Olsson, I. C., L. A. Greenberg, E. Bergman, and K. Wysujack. 2006.
“Environmentally Induced Migration: The Importance of Food.” Ecology
Letters 9, no. 6: 645-651. https://doi.org/10.1111/j.1461-0248.2006.
00909.x.

Ordiz, A., O.-G. Stoen, M. Delibes, and J. E. Swenson. 2011. “Predators
or Prey? Spatio-Temporal Discrimination of Human-Derived Risk by

16 of 18

Global Change Biology, 2025

85U8017 SUOWILLOD BATea1D [qedljdde aus A pausenob afe sejoie YO ‘8sN JO Sa|nJ oy A%eiq1T8UlUO A8]IM UO (SUOTIPUOO-PUB-SWLRI WD A8 |IMAeIq 1 U1 |UO//SdNL) SUORIPUOD PUe SWB | 8L 885 *[G202/T0/90] U0 AriqiaulluO AB[IM ‘U0APOIAZId AuoyoO 1MAIsU Aq TTO0L GOB/TTTT OT/I0p/L00" A8 1M Ake.q 1 pul|uoy//:Sdny WOy pepeoiumod ‘T ‘GZ0Z ‘98vZS9ET


https://doi.org/10.1002/ecs2.1685
https://doi.org/10.1126/science.aaf7166
https://doi.org/10.1644/11-mamm-a-136.1
https://doi.org/10.1644/11-mamm-a-136.1
https://doi.org/10.1126/science.aap9565
https://doi.org/10.1371/journal.pone.0008273
https://doi.org/10.1371/journal.pone.0008273
https://doi.org/10.5281/zenodo.5060137
https://doi.org/10.1126/science.abf0998
https://doi.org/10.1126/science.aaa2478
https://doi.org/10.1126/science.aaa2478
https://doi.org/10.1016/j.biocon.2022.109875
https://doi.org/10.1016/j.biocon.2022.109875
https://doi.org/10.1007/s00265-012-1384-6
https://doi.org/10.1007/s00265-012-1384-6
https://doi.org/10.1098/rspb.2016.1625
https://doi.org/10.1073/pnas.1922097117
https://doi.org/10.1111/1365-2664.13056
https://doi.org/10.1111/1365-2664.13056
https://doi.org/10.1111/1365-2656.12589
https://doi.org/10.1016/j.foreco.2018.11.031
https://doi.org/10.1016/j.foreco.2018.11.031
https://doi.org/10.1016/j.baae.2018.12.001
https://doi.org/10.1186/2051-3933-1-2
https://doi.org/10.1111/ddi.13115
https://doi.org/10.1111/ddi.13115
https://doi.org/10.1016/j.biocon.2019.06.014
https://doi.org/10.1002/ece3.590
https://doi.org/10.1002/ece3.590
https://doi.org/10.1111/1365-2656.12105
https://doi.org/10.1111/gcb.16769
https://doi.org/10.1126/science.abg1780
https://doi.org/10.1126/science.abg1780
https://doi.org/10.1038/nature14324
https://doi.org/10.1016/j.foreco.2004.04.015
https://doi.org/10.1016/j.foreco.2004.04.015
https://doi.org/10.2980/i1195-6860-12-1-68.1
https://doi.org/10.1038/s41598-020-62073-0
https://doi.org/10.1038/s41598-020-62073-0
https://doi.org/10.1111/j.1461-0248.2006.00909.x
https://doi.org/10.1111/j.1461-0248.2006.00909.x

Brown Bears.” Oecologia 166, no. 1: 59-67. https://doi.org/10.1007/
$00442-011-1920-5.

Oriol-Cotterill, A., M. Valeix, L. G. Frank, C. Riginos, and D.
W. Macdonald. 2015. “Landscapes of Coexistence for Terrestrial
Carnivores: The Ecological Consequences of Being Downgraded From
Ultimate to Penultimate Predator by Humans.” Oikos 124, no. 10: 1263—
1273. https://doi.org/10.1111/0ik.02224.

Packer, C., A. Loveridge, S. Canney, et al. 2013. “Conserving Large
Carnivores: Dollars and Fence.” Ecology Letters 16, no. 5: 635-641.
https://doi.org/10.1111/ele.12091.

Palazon, S., A. Batet, 1. Afonso, et al. 2012. “Space Use Patterns and
Genetic Contribution of a Reintroduced Male Brown Bear (Ursus
arctos) in the Pyrenees Between 1997 and 2011: The Risk of Genetic
Dominance of Few Males in Reintroducced Populations.” Galemys:
Boletin Informativo de la Sociedad Espariola Para la conservacion y
Estudio de los mamiferos 24, no. 1: 93-96.

Passoni, G., T. Coulson, and F. Cagnacci. 2024. “Celebrating Wildlife
Population Recovery Through Education.” Trends in Ecology &
Evolution 39, no. 2: 101-105. https://doi.org/10.1016/j.tree.2023.10.004.

Passoni, G., T. Coulson, N. Ranc, et al. 2021. “Roads Constrain Movement
Across Behavioural Processes in a Partially Migratory Ungulate.”
Movement Ecology 9, no. 1: 57. https://doi.org/10.1186/s40462-021-
00292-4.

Penteriani, V., A. Zarzo-Arias, A. Novo-Fernidndez, G. Bombieri, and
C. A. Lopez-Sanchez. 2019. “Responses of an Endangered Brown Bear
Population to Climate Change Based on Predictable Food Resource and
Shelter Alterations.” Global Change Biology 25, no. 3: 1133-1151. https://
doi.org/10.1111/gcb.14564.

Peters, W., M. Hebblewhite, M. Cavedon, et al. 2015. “Resource
Selection and Connectivity Reveal Conservation Challenges for
Reintroduced Brown Bearsin the Italian Alps.” Biological Conservation
186:123-133.

Prugh, L. R., K. E. Hodges, A. R. E. Sinclair, and J. S. Brashares.
2008. “Effect of Habitat Area and Isolation on Fragmented Animal
Populations.” Proceedings of the National Academy of Sciences of the
United States of America 105, no. 52: 20770-20775. https://doi.org/10.
1073/pnas.0806080105.

Reinhardt, I., G. Kluth, C. Nowak, et al. 2019. “Military Training Areas
Facilitate the Recolonization of Wolves in Germany.” Conservation
Letters 12, no. 3: e12635. https://doi.org/10.1111/conl.12635.

Riley, S. I, S. D. DeGloria, and R. Elliot. 1999. “Index That Quantifies
Topographic Heterogeneity.” Intermountain Journal of Sciences 5, no.
1-4:23-27.

Ripple, W. J., R. L. Beschta, J. K. Fortin, and C. T. Robbins. 2014.
“Trophic Cascades From Wolves to Grizzly Bears in Yellowstone.”
Journal of Animal Ecology 83, no. 1: 223-233.

Rivrud, I. M., L. E. Loe, and A. Mysterud. 2010. “How Does Local
Weather Predict Red Deer Home Range Size at Different Temporal
Scales?” Journal of Animal Ecology 79, no. 6: 1280-1295. https://doi.org/
10.1111/§.1365-2656.2010.01731.x.

Said, S., and S. Servanty. 2005. “The Influence of Landscape Structure
on Female Roe Deer Home-Range Size.” Landscape Ecology 20, no. 8:
1003-1012. https://doi.org/10.1007/s10980-005-7518-8.

Schigner, J. P., L. Brander, J. Maes, M. L. Paracchini, and V. Hartje.
2016. “Mapping Recreational Visits and Values of European National
Parks by Combining Statistical Modelling and Unit Value Transfer.”
Journal for Nature Conservation 31: 71-84. https://doi.org/10.1016/j.jnc.
2016.03.001.

Selva, N., C. S. Teitelbaum, A. Sergiel, et al. 2017. “Supplementary
Ungulate Feeding Affects Movement Behavior of Brown Bears.” Basic
and Applied Ecology 24: 68-76. https://doi.org/10.1016/j.baae.2017.
09.007.

Selva, N., S. Kreft, V. Kati, et al. 2011. “Roadless and Low-Traffic Areas
as Conservation Targets in Europe.” Environmental Management 48,
no. 5: 865-877. https://doi.org/10.1007/s00267-011-9751-z.

Senf, C., and R. Seidl. 2021. “Mapping the Forest Disturbance Regimes
of Europe.” Nature Sustainability 4, no. 1: 63-70. https://doi.org/10.
1038/541893-020-00609-y.

Shaw, A. K. 2020. “Causes and Consequences of Individual Variation in
Animal Movement.” Movement Ecology 8, no. 1: 12. https://doi.org/10.
1186/540462-020-0197-x.

Signer, J., J. Fieberg, and T. Avgar. 2018. “Animal Movement Tools
(Amt): R-Package for Managing Tracking Data and Conducting Habitat
Selection Analyses (Version 0.0.4.0).”

Steyaert, S. M., A. Endrestel, K. Hacklaender, J. E. Swenson, and A.
Zedrosser. 2012. “The Mating System of the Brown Bear Ursus arctos.”
Mammal Review 42, no. 1: 12-34.

Steyaert, S. M., A. G. Hertel, and J. E. Swenson. 2019. “Endozoochory
by Brown Bears Stimulates Germination in Bilberry.” Wildlife Biology
2019: 1-5 wlb.00573. https://doi.org/10.2981/wlb.00573.

Steen, O.-G., T. R. Sivertsen, A. Tallian, et al. 2022. “Brown Bear
Predation on Semi-Domesticated Reindeer and Depredation
Compensations.” Global Ecology and Conservation 37: e02168. https://
doi.org/10.1016/j.gecco.2022.e02168.

Swenson, J. E., B. Dahle, H. Busk, et al. 2007. “Predation on Moose
Calves by European Brown Bears.” Journal of Wildlife Management 71,
no. 6: 1993-1997.

Tallian, A., A. Ordiz, B. Zimmermann, et al. 2021. “The Return of Large
Carnivores: Using Hunter Observation Data to Understand the Role of
Predators on Ungulate Populations.” Global Ecology and Conservation
27:e01587. https://doi.org/10.1016/j.gecco.2021.e01587.

Teitelbaum, C. S., W. F. Fagan, C. H. Fleming, et al. 2015. “How Far to
Go? Determinants of Migration Distance in Land Mammals.” Ecology
Letters 18, no. 6: 545-552. https://doi.org/10.1111/ele.12435.

Tian, F., Z. Cai, H. Jin, et al. 2021. “Calibrating Vegetation Phenology
From Sentinel-2 Using Eddy Covariance, PhenoCam, and PEP725
Networks Across Europe.” Remote Sensing of Environment 260: 112456.
https://doi.org/10.1016/j.rse.2021.112456.

Tosi, G., R. Chirichella, F. Zibordi, et al. 2015. “Brown Bear
Reintroduction in the Southern Alps: To What Extent Are Expectations
Being Met?” Journal for Nature Conservation 26: 9-19. https://doi.org/
10.1016/j.jnc.2015.03.007.

Tucker, M. A., A. M. Schipper, T. S. F. Adams, et al. 2023. “Behavioral
Responses of Terrestrial Mammals to COVID-19 Lockdowns.” Science
380, no. 6649: 1059-1064. https://doi.org/10.1126/science.abo6499.

Tucker, M. A., K. Bohning-Gaese, W. F. Fagan, et al. 2018. “Moving
in the Anthropocene: Global Reductions in Terrestrial Mammalian
Movements.” Science 359, no. 6374: 466-469. https://doi.org/10.1126/
science.aam9712.

Tucker, M. A., T. J. Ord, and T. L. Rogers. 2014. “Evolutionary
Predictors of Mammalian Home Range Size: Body Mass, Diet and the
Environment.” Global Ecology and Biogeography 23, no. 10: 1105-1114.
https://doi.org/10.1111/geb.12194.

Valderrama-Zafra, J. M., M. A. Rubio-Paramio, D. F. Garcia-Molina,
et al. 2024. “Impact of Topographic Factors on Animal Field Pathings:
Analysis and Prediction of Deer Movement Patterns.” Ecological
Informatics 80: 102487. https://doi.org/10.1016/j.ecoinf.2024.102487.

van Beest, F. M., I. M. Rivrud, L. E. Loe, J. M. Milner, and A. Mysterud.
2011. “What Determines Variation in Home Range Size Across
Spatiotemporal Scales in a Large Browsing Herbivore?” Journal of
Animal Ecology 80, no. 4: 771-785. https://doi.org/10.1111/j.1365-2656.
2011.01829.x.

17 of 18

85U8017 SUOWILLOD BATea1D [qedljdde aus A pausenob afe sejoie YO ‘8sN JO Sa|nJ oy A%eiq1T8UlUO A8]IM UO (SUOTIPUOO-PUB-SWLRI WD A8 |IMAeIq 1 U1 |UO//SdNL) SUORIPUOD PUe SWB | 8L 885 *[G202/T0/90] U0 AriqiaulluO AB[IM ‘U0APOIAZId AuoyoO 1MAIsU Aq TTO0L GOB/TTTT OT/I0p/L00" A8 1M Ake.q 1 pul|uoy//:Sdny WOy pepeoiumod ‘T ‘GZ0Z ‘98vZS9ET


https://doi.org/10.1007/s00442-011-1920-5
https://doi.org/10.1007/s00442-011-1920-5
https://doi.org/10.1111/oik.02224
https://doi.org/10.1111/ele.12091
https://doi.org/10.1016/j.tree.2023.10.004
https://doi.org/10.1186/s40462-021-00292-4
https://doi.org/10.1186/s40462-021-00292-4
https://doi.org/10.1111/gcb.14564
https://doi.org/10.1111/gcb.14564
https://doi.org/10.1073/pnas.0806080105
https://doi.org/10.1073/pnas.0806080105
https://doi.org/10.1111/conl.12635
https://doi.org/10.1111/j.1365-2656.2010.01731.x
https://doi.org/10.1111/j.1365-2656.2010.01731.x
https://doi.org/10.1007/s10980-005-7518-8
https://doi.org/10.1016/j.jnc.2016.03.001
https://doi.org/10.1016/j.jnc.2016.03.001
https://doi.org/10.1016/j.baae.2017.09.007
https://doi.org/10.1016/j.baae.2017.09.007
https://doi.org/10.1007/s00267-011-9751-z
https://doi.org/10.1038/s41893-020-00609-y
https://doi.org/10.1038/s41893-020-00609-y
https://doi.org/10.1186/s40462-020-0197-x
https://doi.org/10.1186/s40462-020-0197-x
https://doi.org/10.2981/wlb.00573
https://doi.org/10.1016/j.gecco.2022.e02168
https://doi.org/10.1016/j.gecco.2022.e02168
https://doi.org/10.1016/j.gecco.2021.e01587
https://doi.org/10.1111/ele.12435
https://doi.org/10.1016/j.rse.2021.112456
https://doi.org/10.1016/j.jnc.2015.03.007
https://doi.org/10.1016/j.jnc.2015.03.007
https://doi.org/10.1126/science.abo6499
https://doi.org/10.1126/science.aam9712
https://doi.org/10.1126/science.aam9712
https://doi.org/10.1111/geb.12194
https://doi.org/10.1016/j.ecoinf.2024.102487
https://doi.org/10.1111/j.1365-2656.2011.01829.x
https://doi.org/10.1111/j.1365-2656.2011.01829.x

Veldhuis, M. P., M. E. Ritchie, J. O. Ogutu, et al. 2019. “Cross-Boundary
Human Impacts Compromise the Serengeti-Mara Ecosystem.” Science
363, no. 6434: 1424-1428. https://doi.org/10.1126/science.aav0564.

Venter, O., E. W. Sanderson, A. Magrach, et al. 2016. “Sixteen Years of
Change in the Global Terrestrial Human Footprint and Implications
for Biodiversity Conservation.” Nature Communications 7, no. 1: 12558.
https://doi.org/10.1038/ncomms12558.

Venter, O., E. W. Sanderson, A. Magrach, et al. 2018. “Last of the Wild
Project, Version 3 (LWP-3): 2009 Human Footprint.” https://doi.org/10.
7927/H46T0JQ4.

WDPA Consortium. 2004. World Database on Protected Areas. New
York, New York, USA: World Conservation Union and UNEP-World
Conservation Monitoring Centre.

Woodroffe, R.,and J. R. Ginsberg. 1998. “Edge Effects and the Extinction
of Populations Inside Protected Areas.” Science 280, no. 5372: 2126—
2128. https://doi.org/10.1126/science.280.5372.2126.

Supporting Information

Additional supporting information can be found online in the
Supporting Information section.

18 of 18

Global Change Biology, 2025

85UBD17 SUOWILIOD BAIEaID a|qedl|dde auy Ag pautenob ale sappie YO ‘asn Jo sajnJ Joy Areld 1 auluQ AB|IAA UO (SUOIPUOD-PUR-SLUIBY WO A3 | IM AReiq Ijou 1 |uo//:Sdny) Suo i IpuoD pue swd | a3 89S *[5202/T0/90] uo AreiqiauliuQ A8 1M ‘UoApPOoIAzZid AuouydQ 1MAsu| Ag TT00L GPB/TTTT OT/I0p/wod A 1M ARelq pul|uo//sdiy wolj papeojumod ‘T ‘G202 ‘9872S9ET


https://doi.org/10.1126/science.aav0564
https://doi.org/10.1038/ncomms12558
https://doi.org/10.7927/H46T0JQ4
https://doi.org/10.7927/H46T0JQ4
https://doi.org/10.1126/science.280.5372.2126

	Human Footprint and Forest Disturbance Reduce Space Use of Brown Bears (Ursus arctos) Across Europe
	ABSTRACT
	1   |   Introduction
	2   |   Methods
	2.1   |   Compilation and Filtering of Movement Data
	2.2   |   Space Use Metrics
	2.2.1   |   Home Range Size
	2.2.2   |   10-Day and 1-Day Displacement Distances

	2.3   |   Environmental Covariates
	2.3.1   |   Vegetation Productivity and Predictability
	2.3.2   |   Temperature Seasonality
	2.3.3   |   Human Footprint Index
	2.3.4   |   Total Forest Cover and Forest Disturbances
	2.3.5   |   Roadless and Protected Areas
	2.3.6   |   Terrain Ruggedness
	2.3.7   |   Additional Covariates Explored in the Appendix
	2.3.7.1   |   Artificial Feeding.  
	2.3.7.2   |   Age Class.  


	2.4   |   Statistical Analyses

	3   |   Results
	3.1   |   Drivers of Space Use Patterns
	3.2   |   Population-Level Differences in Space Use
	3.3   |   Artificial Feeding

	4   |   Discussion
	4.1   |   Resource Availability Shapes Space Use: The Role of Vegetation Productivity and Predictability, Seasonality, Forestry, and Artificial Feeding
	4.2   |   Human Footprint Restricts Space Use
	4.3   |   Inconclusive Effect of Area-Based Conservation Measures
	4.4   |   Potential Consequences of Altered Space Use for Connectivity and Ecosystem Functioning

	5   |   Conclusion
	Author Contributions
	Acknowledgements
	Conflicts of Interest
	Data Availability Statement
	References


